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Abstract: This paper aims to extend the concept of Neutrosophic Hypersoft Matrix (NHSM) theory. 

NHSM is the matrix representation of a Neutrosophic Hypersoft Set (NHSS), where NHSS is the 

combination of a Neutrosophic set and a Hypersoft set. An NHSS can be stored in computer memory 

using the matrix notion, which is very useful and applicable. Based on NHSM, we provide some 

new notions (operations) such as NHS-sub-matrix, Equal NHSM, Null NHSM, Universal NHSM, 

Complement NHSM, NH-choice matrix (NHCM), product of NHCM and combined NHCM along 

with examples and characterizations. Additionally, we develop an NHSM algorithm using a value 

matrix, grace matrix, and mean matrix to solve a decision-making problem based on NHSSs. Finally, 

the NHSM algorithm was used to select the critically suffering chronic kidney disease (CKD) patient. 

Keywords: Soft Set, Neutrosophic Soft Set, Neutrosophic Hypersoft Set, Neutrosophic Hypersoft 

Matrix, Neutrosophic Hyper-choice Matrix. 

 

1. Introduction 

To deal with uncertainty, Lotfi A. Zadeh [1] 1965 introduced the concept of Fuzzy logic and 

Fuzzy sets. In Fuzzy logic, it represents the degree of truth as an extension of valuation.To deal with 

imprecise and vague information K. Atanassov [2] in 1986 introduced the concept of Intuitionistic 

fuzzy sets and Intuitionistic fuzzy logic. Similarly, Pythagorean fuzzy sets,Pythagorean fuzzy 

numbers, and several other concepts and their applications in MCDM,MADM, and MAGDM were 

proposed in [3-11]. Thomason [12] expanded the idea of Fuzzy sets to Fuzzy matrices (FM) and 

talked about the convergence of powers of Fuzzy matrices.Fuzzy matrices only take into account 

membership values while solving the Decision-making problems. To deal with both membership 

and non-membership values, Pal et al. [13]transformed the well-known Fuzzy matrix into the 

Intuitionistic fuzzy matrix (IFM), whose constituent parts come from the unit interval [0; 1].The 

parameterization of the attributes is not discussed in any of the aforementioned studies. Molodtsov 

[14] 1999 generalized the concept of fuzzy set theory to soft set theory which helps to deal with 

uncertainty. Some basic properties of soft set theory were proposed by P. K. Maji et al. [15]. Later 

on, several interesting results based on soft set theory were obtained by embedding the idea of 

Fuzzyset, Intuitionistic fuzzy set, Vague set, Rough set, Interval-valued intuitionistic fuzzy set 

andso on. Also, various applications of the above-mentioned sets in decision-making problems 

were developed in [16-22]. 

Naim Cagman et.al. [23] introduced the notion of the soft matrix (SM), which isthe 

representation of soft sets and also defined products of such matrices. They also have offered a soft 

max-min decision-making algorithm to solve some problems with uncertainties. However, because 

ofthe different product order, this method does not satisfy the commutative law, as it could lead to 

two different outcomes when used to solve identical decision-making problems. Further,this 
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approach will be wholly invalid if a decision-making problem requires the perspectives of atleast 

three observers. To overcome such limitations Yong [24] et.al., introduceda Fuzzy soft matrix (FSM). 

Further, to deal with both membership and non-membership valuesin a parametric manner, 

Rajarajeswari et al. [25] proposed the Intuitionistic fuzzy soft matrix(IFSM). This idea handles the 

uncertain object more accurately with their parametrization and ensures that the sum of 

membership degrees and non-membership degrees does not exceed 1. Abhishek [26] et.al., 

proposed the idea of the Pythagorean fuzzy soft matrix (PFSM) that altered the condition MV + 

NMV ≤ 1 to MV 2 + NMV 2 ≤1. 

F. Smarandache [27] 1998 introduced the concept of Neutrosophic sets and Neutrosophic logic 

with indeterminate data. Neutrosophic soft sets were introduced by Maji in [28]. Healso gave an 

application on Neutrosophic soft sets in decision-making problems. The conceptof Generalized 

Neutrosophic soft set theory was proposed by Said Broumi [29]. Similarly, several concepts based 

on Neutrosophic Soft set theory have emerged in recent days. Lateron, in 2015 Irfan Deli et al. [30] 

introduced the concept of Neutrosophic soft matrix (NSM)and their operators which are more 

functional to make theoretical studies in the Neutrosophic soft set theory. Also, Tanushree Mitra 

Basa et al. [31] in 2015 developed the Neutrosophic soft matrix theory by defining various 

operations on them. In 2017 Tuhin Bera [32] et.al.,further extended the concept of Neutrosophic soft 

matrix theory and presented an applicationin decision making. Following this, Sujit Das [33] et.al., 

gave an application in group decision-making. Similarly, Jayasudha et.al. [34] gave an application 

of neutrosophic soft matrices in decision-making.Smarandache [35] introduced Hypersoft sets 

which deal with multi-attribute functions. Following this, Ihsan et al. [36] explored the concept of 

Hypersoft expert sets along with an applicationin decision-making for the recruitment process. 

Further, Muhammad Saqlainet al. [37] developed a new concept called the Neutrosophic Hypersoft 

set and also studied some operations on it. Rana Muhammad Zulqarnain et al. [38] developed the 

generalized version of aggregate operators on Neutrosophic Hypersoft sets. In 2021 Abdul Samad 

[39] et.al., devised a methodthat is an extension of the TOPSIS technique using Neutrosophic 

hypersoft sets based on correlation coefficient to determine the effectiveness of hand sanitizer to 

reduce COVID-19 effects.Further, a Neutrosophic hypersoft expert set was introduced by Ihsan et 

al.[40]. Ihsanet al. [41] developed Single valued neutrosophic hypersoft expert set and gave an 

applicationin decision-making. In 2022, J. Jayasudha et al. [42] developed a new concept called 

Interval-valued Neutrosophic Hypersoft Expert set and developed some new notions. The same 

authorsin [43] introduced the concept of Interval-valued Neutrosophic Hypersoft Topological 

Spacesand established some notions, properties, and results, with examples. To reduce the 

complicated framework of Neutrosophic Hyper-soft sets, Rana Muhammad Zulqarnainet et al. 

[44]developed the concept of Neutrosophic Hypersoft Matrices (NHSM) and provided certain basic 

operators and operations on them. Further, certain new notions, operations, and properties of 

Neutrosophic Hypersoft Matrices (NHSM) have been explored by Naveed Jafaret et al. [45]. 

Neutrosophic soft matrices parametrically evaluate the attributes chosen whereas the Neutrosophic 

hypersoft matrix can parametrically evaluate the sub-attributes of the attributes chosen. 

The present study aims to extend the concept of NHSM theory developing some basic notions 

and operations along with their properties. The organization of our manuscript is as follows: 

In Section 2 we recall some fundamental definitions which would further be helpful to extend 

the NHSM theory. In Sections 3 and 4, we develop the NHSM theory by defining basic notions of 

classical matrix theory in NHSM has been discussed with examples. Also, NHCM, combined 

NHCM, and some properties of NHSM have been examined. In Section 5, an efficient methodology 

for evaluating NHSMs has been developed based on certain new notions such as value matrix, grace 

matrix, mean matrix, and total mean matrix, using which we solve NHSS-based decision-making 

problems. 

 

2. Preliminaries 
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This section provides some basic notions of soft set theory which would be helpful to read this 

paper. Throughout this paper,the Neutrosophic Hypersoft Matrix is represented by NHSM. 

 

Definition 2.1. [14]Let U be an initial universal set and E be a set of parameters. Let P(U) denote the 

power set of U. Consider a nonempty set B⊂E. A pair (G, B) is called a soft set of U, where G is a 

mapping given by G: B →P(U). A soft set over U is a parameterized family of subsets of the universe 

U. For ε ∈ B, G(ɛ) may be considered as the set of ɛ-approximate elements of the soft set (G, B). 

 

Definition 2.2.[46]A neutrosophic set 𝐵 on the universal set 𝑌 is attributed to three individualistic 

degrees namely, truth-membership degree (η), indeterminacy-membership degree ( 𝜐 ),and 

falsity-membership degree (φ), which is defined as; 

𝐵 = {< 𝑦, 𝜂𝐵(𝑦), 𝜐𝐵(𝑦), 𝜑𝐵(𝑦) >: 𝑦 ∈ 𝑌}, 

where 𝜂𝐵, 𝜐𝐵, 𝜑𝐵: Y → ]−0,1+[  and  −0 ≤ 𝜂𝐵(𝑦)+ 𝜐𝐵(𝑦) + 𝜑𝐵(𝑦) ≤ 3+. 

Definition 2.3. [47]A neutrosophic soft set 𝑔 over 𝑌 is a neutrosophic set valued function from 𝐸 

to 𝑁(𝑌).  It can be written as 𝑔 = {(𝑒, 𝜂𝑔(𝑒)(𝑦), 𝜐𝑔(𝑒)(𝑦), 𝜑𝑔(𝑒)(𝑦) >: 𝑦 𝜖 𝑌}): 𝑒 ∈ 𝐸}  where, 

𝑁(𝑌)denotes all neutrosophic sets over 𝑌. 

 

Definition 2.4. [37]Let 𝜉 be the universal set and 𝑃(𝜉).be the power set of 𝜉. Consider 𝑙1, 𝑙2, 𝑙3, … , 𝑙𝑛 

for 𝑛 ≥ 1, be 𝑛 well-defined attributes, whose corresponding attribute values are respectively the 

set 𝐿1, 𝐿2, 𝐿3, … , 𝐿𝑛 with 𝐿𝑖  ∩  𝐿𝑗 =  ∅, for 𝑖 ≠ 𝑗 and 𝑖, 𝑗 ∈ {1, 2, 3,… , 𝑛}, then the pair (𝐺, 𝐿1 × 𝐿2  ×

𝐿3  … 𝐿𝑛) is said to be Hypersoft set over 𝜉 where  

𝐺: 𝐿1 × 𝐿2  × 𝐿3  … 𝐿𝑛  → 𝑃(𝜉) 

 

Definition 2.5. [37]Let 𝜉  be the universal set and 𝑃(𝜉). be the power set of  𝜉 . Consider 

𝑙1, 𝑙2, 𝑙3, … , 𝑙𝑛  for 𝑛 ≥ 1, be 𝑛  well-defined attributes, whose corresponding attribute values are 

respectively the set 𝐿1, 𝐿2, 𝐿3, … , 𝐿𝑛  with 𝐿𝑖  ∩  𝐿𝑗 =  ∅, for 𝑖 ≠ 𝑗 and 𝑖, 𝑗 ∈ {1, 2, 3, … , 𝑛} and their 

relation 𝐿1 × 𝐿2  × 𝐿3  … 𝐿𝑛 = 𝑆, then the pair (𝐺, 𝑆) is said to be Neutrosophic Hypersoft set over 𝜉 

where 𝐺: 𝐿1 × 𝐿2  × 𝐿3  … 𝐿𝑛  → 𝑃(𝜉)  and 𝐺(𝐿1 × 𝐿2  × 𝐿3  … 𝐿𝑛) = {< 𝑥, 𝜂(𝐺(𝑆)), 𝜐(𝐺(𝑆)), 𝜑(𝐺(𝑆)) >

, 𝑥 ∈  𝜉} where 𝜂 is the truth-membership value, 𝜐 is the indeterminacy-membership value  and φ is the 

falsity-membership value such that 𝜂, 𝜐, 𝜑 ∶  𝜉 → [0, 1] also 0 ≤  𝜂(𝐺(𝑆)) + 𝜐(𝐺(𝑆)) + 𝜑(𝐺(𝑆))  ≤ 3. 

 

Definition 2.6. [44] Let 𝑈 = {𝑢1, 𝑢2, … , 𝑢𝛼} and (𝑈)  be the universal set and power set of the 

universal set, respectively, and also consider 𝐿1, 𝐿2, … , 𝐿𝛽  for 𝛽 ≥ 1, 𝛽  well-defined attributes, 

whose corresponding attribute values are, respectively, the set 𝐿1
𝑎 , 𝐿2

𝑏 , … , 𝐿𝛽
𝑧  and their relation 𝐿1

𝑎  ×

 𝐿2
𝑏  × …× 𝐿𝛽

𝑧 ,  where 𝑎, 𝑏, 𝑐,… , 𝑧 = 1, 2, … , 𝛽,  then the pair (𝐺, 𝐿1
𝑎  ×  𝐿2

𝑏  × …× 𝐿𝛽
𝑧 ) is said to be 

neutrosophic hypersoft set over 𝑈, where 𝐺: 𝐿1
𝑎  ×  𝐿2

𝑏  × …× 𝐿𝛽
𝑧  → 𝑃(𝑈), and it is defined as  

𝐺(𝐿1
𝑎  ×  𝐿2

𝑏  × …× 𝐿𝛽
𝑧 ) = {𝑢, 𝜂𝑖(𝑢), 𝜐𝑖(𝑢), 𝜑𝑖(𝑢): 𝑢 ∈ 𝑈, 𝑖 ∈  𝐿1

𝑎  ×  𝐿2
𝑏  × …× 𝐿𝛽

𝑧 }. 

Let 𝑅𝑖 = 𝐿1
𝑎  ×  𝐿2

𝑏  × …× 𝐿𝛽
𝑧  be the relation, and its characteristic function is 

𝑋𝑅𝑖 = 𝐿1
𝑎  ×  𝐿2

𝑏  × …× 𝐿𝛽
𝑧  → 𝑃(𝑈); 

It is defined as 𝑋𝑅𝑖 = {𝑢, 𝜂𝑖(𝑢), 𝜐𝑖(𝑢), 𝜑𝑖(𝑢): 𝑢 ∈ 𝑈, 𝑖 ∈  𝐿1
𝑎  ×  𝐿2

𝑏  × …× 𝐿𝛽
𝑧 }  and can be a 

representation of 𝑅𝑖 as given in Table 1. 

 

Table 1. Tabular representation of the characteristic function. 

𝑼 𝑳𝟏
𝒂 𝑳𝟐

𝒃 … 𝑳𝜷
𝒛  

𝒖𝟏 𝑋𝑅𝑖(𝑢
1, 𝐿1

𝑎) 𝑋𝑅𝑖(𝑢
1, 𝐿2

𝑏) … 𝑋𝑅𝑖(𝑢
1, 𝐿𝛽

𝑧 ) 

𝒖𝟐 𝑋𝑅𝑖(𝑢
2, 𝐿1

𝑎) 𝑋𝑅𝑖(𝑢
2, 𝐿2

𝑏) … 𝑋𝑅𝑖(𝑢
2, 𝐿𝛽

𝑧 ) 

⋮ ⋮ ⋮ ⋮ ⋮ 

𝒖𝜶 𝑋𝑅𝑖(𝑢
𝛼 , 𝐿1

𝑎) 𝑋𝑅𝑖(𝑢
𝛼 , 𝐿2

𝑏) … 𝑋𝑅𝑖(𝑢
𝛼 , 𝐿𝛽

𝑧 ) 
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If 𝑀𝑖𝑗 = 𝑋𝑅𝑖(𝑢
𝑖 , 𝐿𝑗

𝑘),  where 𝑖 = 1, 2, 3, … , 𝛼, 𝑗 = 1, 2, 3, … , 𝛽, 𝑘 = 𝑎, 𝑏, 𝑐, … , 𝑧, then the matrix is 

defined as: 

[𝑀𝑖𝑗]𝛼×𝛽 =

(

 

𝑀11 𝑀12

𝑀21 𝑀22

⋯ 𝑀1𝛽

⋯ 𝑀2𝛽

⋮ ⋮
𝑀𝛼1 𝑀𝛼2

⋮ ⋮
⋯ 𝑀𝛼𝛽)

  

Where𝑀𝑖𝑗 = (𝜂
𝐿𝑗
𝑘(𝑢𝑖), 𝜐𝐿𝑗

𝑘(𝑢𝑖), 𝜑𝐿𝑗
𝑘(𝑢𝑖), 𝑢𝑖  ∈ 𝑈, 𝐿𝑗

𝑘  ∈  𝐿1
𝑎  ×  𝐿2

𝑏  × …× 𝐿𝛽
𝑧 ) = (𝜂𝑖𝑗𝑘

𝑀 , 𝜐𝑖𝑗𝑘
𝑀 , 𝜑𝑖𝑗𝑘

𝑀 ). 

 

Thus, we can represent any neutrosophic hypersoft set in terms of the neutrosophic hypersoft 

matrix (NHSM), and it means that they are interchangeable. 

 

Definition 2.7. [44]Let 𝑂 = [𝑂𝑖𝑗] be the square NHSM of order 𝜍 ×  𝜍 , where 𝑂𝑖𝑗 = (𝜂𝑖𝑗𝑘
𝑂 , 𝜐𝑖𝑗𝑘

𝑂 , 𝜑𝑖𝑗𝑘
𝑂 ), 

then 𝑂𝑡 is said to be the transpose of square NHSM if rows and columns of 𝑂 are interchanged. It is 

denoted as 

𝑂𝑡 = [𝑂𝑖𝑗]
𝑡 = (𝜂𝑖𝑗𝑘

𝑂 , 𝜐𝑖𝑗𝑘
𝑂 , 𝜑𝑖𝑗𝑘

𝑂 )
𝑡
= (𝜂𝑗𝑘𝑖

𝑂 , 𝜐𝑗𝑘𝑖
𝑂 , 𝜑𝑗𝑘𝑖

𝑂 ) = [𝑂𝑗𝑖]. 

 

Definition 2.8. [44]Let 𝑂 = [𝑂𝑖𝑗]  and 𝑀 = [𝑚𝑖𝑗]  be two NHSMs of order 𝜍 ×  𝜈 , where 𝑂𝑖𝑗 =

(𝜂𝑖𝑗𝑘
𝑂 , 𝜐𝑖𝑗𝑘

𝑂 , 𝜑𝑖𝑗𝑘
𝑂 )and 𝑀𝑖𝑗 = (𝜂𝑖𝑗𝑘

𝑀 , 𝜐𝑖𝑗𝑘
𝑀 , 𝜑𝑖𝑗𝑘

𝑀 ). Then, their union is defined as follows: 

𝑂 ∪ 𝑀 = 𝐷,𝑤ℎ𝑒𝑟𝑒𝜂𝑖𝑗𝑘
𝐷 = max(𝜂𝑖𝑗𝑘

𝑂 , 𝜂𝑖𝑗𝑘
𝑀 ) , 𝜐𝑖𝑗𝑘

𝐷 = 
(𝜐𝑖𝑗𝑘

𝑂 + 𝜐𝑖𝑗𝑘
𝑀 )

2
 , 𝜑𝑖𝑗𝑘

𝑂 = min(𝜑𝑖𝑗𝑘
𝑂 , 𝜑𝑖𝑗𝑘

𝑀 ).  

 

Definition 2.9. [44]Let 𝑂 = [𝑂𝑖𝑗]  and 𝑀 = [𝑚𝑖𝑗]  be two NHSMs of order 𝜍 ×  𝜈, where 𝑂𝑖𝑗 =

(𝜂𝑖𝑗𝑘
𝑂 , 𝜐𝑖𝑗𝑘

𝑂 , 𝜑𝑖𝑗𝑘
𝑂 )and 𝑀𝑖𝑗 = (𝜂𝑖𝑗𝑘

𝑀 , 𝜐𝑖𝑗𝑘
𝑀 , 𝜑𝑖𝑗𝑘

𝑀 ). Then, their intersection is defined as follows: 

𝑂 ∩ 𝑀 = 𝐷,𝑤ℎ𝑒𝑟𝑒𝜂𝑖𝑗𝑘
𝐷 = min(𝜂𝑖𝑗𝑘

𝑂 , 𝜂𝑖𝑗𝑘
𝑀 ) , 𝜐𝑖𝑗𝑘

𝐷 =  
(𝜐𝑖𝑗𝑘

𝑂 + 𝜐𝑖𝑗𝑘
𝑀 )

2
 , 𝜑𝑖𝑗𝑘

𝑂 = max(𝜑𝑖𝑗𝑘
𝑂 , 𝜑𝑖𝑗𝑘

𝑀 ).  

 

Operations of NHSM [45] Let 𝑀 = [𝑚𝑖𝑗] = (𝜂𝑖𝑗𝑘
𝑚 , 𝜐𝑖𝑗𝑘

𝑚 , 𝜑𝑖𝑗𝑘
𝑚 ) and 𝑁 = [𝑛𝑖𝑗] = (𝜂𝑖𝑗𝑘

𝑛 , 𝜐𝑖𝑗𝑘
𝑛 , 𝜑𝑖𝑗𝑘

𝑛 ) be two 

NHSMs of order 𝜍 ×  𝜈. Then, 

 Arithmetic mean𝑀⊛𝑁 = 𝑂,  

where 𝜂𝑖𝑗𝑘
𝑜 = 

𝜂𝑖𝑗𝑘
𝑚 + 𝜂𝑖𝑗𝑘

𝑛

2
, 𝜐𝑖𝑗𝑘
𝑜 = 

𝜐𝑖𝑗𝑘
𝑚 + 𝜐𝑖𝑗𝑘

𝑛

2
, 𝜑𝑖𝑗𝑘

𝑜 =  
𝜑𝑖𝑗𝑘
𝑚 + 𝜑𝑖𝑗𝑘

𝑛

2
, ∀ 𝑖, 𝑗, 𝑘. 

 

 Weighted Arithmetic mean𝑀⊛𝑤 𝑁 = 𝑂,  

where 𝜂𝑖𝑗𝑘
𝑜 = 

𝑤1𝜂𝑖𝑗𝑘
𝑚 + 𝑤2𝜂𝑖𝑗𝑘

𝑛

𝑤1+𝑤2
, 𝜐𝑖𝑗𝑘
𝑜 = 

𝑤1𝜐𝑖𝑗𝑘
𝑚 + 𝑤2𝜐𝑖𝑗𝑘

𝑛

𝑤1+𝑤2
, 𝜑𝑖𝑗𝑘

𝑜 = 
𝑤1𝜑𝑖𝑗𝑘

𝑚 + 𝑤2𝜑𝑖𝑗𝑘
𝑛

𝑤1+𝑤2
, ∀ 𝑖, 𝑗, 𝑘and 𝑤1, 𝑤2 > 0. 

 

 Geometric mean𝑀⊚𝑁 = 𝑂, 

where 𝜂𝑖𝑗𝑘
𝑜 = √𝜂𝑖𝑗𝑘

𝑚 . 𝜂𝑖𝑗𝑘
𝑛 , 𝜐𝑖𝑗𝑘

𝑜 = √𝜐𝑖𝑗𝑘
𝑚 . 𝜐𝑖𝑗𝑘

𝑛 , 𝜑𝑖𝑗𝑘
𝑜 = √𝜑𝑖𝑗𝑘

𝑚 . 𝜑𝑖𝑗𝑘
𝑛 , ∀ 𝑖, 𝑗, 𝑘.  

 

 Weighted Geometric mean𝑀⊚𝑤 𝑁 = 𝑂, 

where                                                            

𝜂𝑖𝑗𝑘
𝑜 = (𝑤1 + 𝑤2)√(𝜂𝑖𝑗𝑘

𝑚 )𝑤1 . (𝜂𝑖𝑗𝑘
𝑛 )𝑤2 , 𝜐𝑖𝑗𝑘

𝑜 = (𝑤1 + 𝑤2)√(𝜐𝑖𝑗𝑘
𝑚 )𝑤1 . (𝜐𝑖𝑗𝑘

𝑛 )𝑤2 , 𝜑𝑖𝑗𝑘
𝑜 = (𝑤1 +

𝑤2)√(𝜑𝑖𝑗𝑘
𝑚 )𝑤1 . (𝜑𝑖𝑗𝑘

𝑛 )𝑤2 , ∀ 𝑖, 𝑗, 𝑘 and 𝑤1, 𝑤2 > 0. 

 

 Harmonic mean𝑀⊡𝑁 = 𝑂, 

where                                                                                  

𝜂𝑖𝑗𝑘
𝑜 = 

2𝜂𝑖𝑗𝑘
𝑚 𝜂𝑖𝑗𝑘

𝑛

𝜂𝑖𝑗𝑘
𝑚 + 𝜂𝑖𝑗𝑘

𝑛 , 𝜐𝑖𝑗𝑘
𝑜 = 

2𝜐𝑖𝑗𝑘
𝑚 𝜐𝑖𝑗𝑘

𝑛

𝜐𝑖𝑗𝑘
𝑚 + 𝜐𝑖𝑗𝑘

𝑛 , 𝜑𝑖𝑗𝑘
𝑜 = 

2𝜑𝑖𝑗𝑘
𝑚 𝜑𝑖𝑗𝑘

𝑛

𝜑𝑖𝑗𝑘
𝑚 + 𝜑𝑖𝑗𝑘

𝑛 , ∀ 𝑖, 𝑗, 𝑘. 
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 Weighted Harmonic mean𝑀⊡𝑤 𝑁 = 𝑂, 

where                                                             

𝜂𝑖𝑗𝑘
𝑜 = 

𝑤1+𝑤2
𝑤1
𝜂𝑖𝑗𝑘
𝑚 +

𝑤2
𝜂𝑖𝑗𝑘
𝑛
, 𝜐𝑖𝑗𝑘
𝑜 = 

𝑤1+𝑤2
𝑤1
𝜐𝑖𝑗𝑘
𝑚 +

𝑤2
𝜐𝑖𝑗𝑘
𝑛
, 𝜑𝑖𝑗𝑘

𝑜 = 
𝑤1+𝑤2
𝑤1
𝜑𝑖𝑗𝑘
𝑚 +

𝑤2
𝜑𝑖𝑗𝑘
𝑛
, ∀ 𝑖, 𝑗, 𝑘 and 𝑤1, 𝑤2 > 0. 

 

Definition 2.10. [44] Let 𝐵 = [𝑏𝑖𝑗]𝜍 × 𝜈  be a Neutrosophic hypersoft matrix where 𝑏𝑖𝑗 =

(𝜂𝑖𝑗𝑘
𝑏 , 𝜐𝑖𝑗𝑘

𝑏 , 𝜑𝑖𝑗𝑘
𝑏 ). If an indeterminacy membership degree (𝜐) lies in favor of falsity-membership 

degree (𝜑)then the Value matrix of the matrix of the matrix 𝐵 which is symbolized by 𝑉(𝐵) and is 

defined as 𝑉(𝐵) = [𝑣𝑖𝑗
𝑏 ]
𝑚×𝑛

, where 𝑣𝑖𝑗
𝑏 = 𝜂𝑖𝑗𝑘

𝑏 − (𝜐𝑖𝑗𝑘
𝑏 + 𝜑𝑖𝑗𝑘

𝑏 ), ∀ 𝑖, 𝑗, 𝑘.  

 

3. Neutrosophic Hypersoft Matrix 

This section provides the concept of Complement NHSM, Universal NHSM, Null NHSM and 

Equal NHSM. 

 

Example 3.1. Let 𝛶 be the collection of Laptop’s appeared within the Laptop showroom:  

𝛶 = {𝐿1 = 𝐻𝑃 𝐶ℎ𝑟𝑜𝑚𝑒𝑏𝑜𝑜𝑘 11𝑎 − 𝑛𝑎0006𝑀𝑈, 𝐿2 = 𝑅𝑒𝑎𝑙𝑚𝑒 𝐵𝑜𝑜𝑘 𝑆𝑙𝑖𝑚,  𝐿3 =

𝐴𝑐𝑒𝑟 𝐴𝑠𝑝𝑖𝑟𝑒 5 𝐴515 − 54𝐺, 𝐿4 = 𝐻𝑃 15𝑠 − 𝑔𝑟0012𝐴𝑈}.  

 

The decision-maker offers his conclusion around the choice procedure of the alternatives such 

as; ˩1 = 𝐼𝑛𝑐ℎ𝑒𝑠, ˩2 = 𝑃𝑟𝑜𝑐𝑒𝑠𝑠𝑜𝑟, ˩3 = 𝑀𝑒𝑚𝑜𝑟𝑦, ˩4 = 𝑆𝑆𝐷. Moreover, the above-mentioned attributes 

have advanced bifurcation and can be classified as follows: ˩1
𝑎 = {11.6, 14, 15.6}, ˩2

𝑏 =

{𝑀𝑒𝑑𝑖𝑎𝑇𝑒𝑘 𝑂𝑐𝑡𝑎 − 𝑐𝑜𝑟𝑒, 𝐼𝑛𝑡𝑒𝑙 𝐶𝑜𝑟𝑒 𝑖5, 𝐴𝑀𝐷 𝐷𝑢𝑎𝑙 𝐶𝑜𝑟𝑒}, ˩3
𝑐 = {4𝐺𝐵, 8𝐺𝐵}, ˩4

𝑑 = {64𝐺𝐵, 512𝐺𝐵, 256𝐺𝐵} 

 

Let the function be 𝑍 ∶ ˩1
𝑎 × ˩2

𝑏 × ˩3
𝑐 × ˩4

𝑑  → 𝑃(𝛶).  Neutrosophic hypersoft set is defined as;                  

𝑍 ∶ (˩1
𝑎 × ˩2

𝑏 × ˩3
𝑐 × ˩4

𝑑)  → 𝑃(𝛶). 

 

Let us assume 𝑍 (˩1
𝑎 × ˩2

𝑏 × ˩3
𝑐 × ˩4

𝑑) = 𝑍(14, 𝐼𝑛𝑡𝑒𝑙 𝐶𝑜𝑟𝑒 𝑖5, 8𝐺𝐵, 512𝐺𝐵) = {𝐿2, 𝐿3}.  Then, the 

neutrosophic hypersoft set of the above-expected connection is; 

𝑍 (˩1
𝑎 × ˩2

𝑏 × ˩3
𝑐 × ˩4

𝑑) = 𝑍(14, 𝐼𝑛𝑡𝑒𝑙 𝐶𝑜𝑟𝑒 𝑖5, 8𝐺𝐵, 512𝐺𝐵) 

= {
(𝐿2, {0.6, 0.3, 0.5}, {0.4, 0.5, 0.2}, {0.5, 0.7, 0.6}, {0.2, 0.3, 0.7})

(𝐿3, {0.3, 0.6, 0.5}, {0.2, 0.1, 0.3}, {0.4, 0.7, 0.1}, {0.7, 0.3, 0.5})
} 

Further, it can be represented in matrix form as: 

[𝑍]2×4 = (
(0.6, 0.3, 0.5) (0.4, 0.5, 0.2) (0.5, 0.7, 0.6)   
(0.3, 0.6, 0.5) (0.2, 0.1, 0.3) (0.4, 0.7, 0.1)   

(0.2, 0.3, 0.7)

(0.7, 0.3, 0.5)
) 

 

Definition 3.2. Let 𝑍 = [𝑧𝑖𝑗]  and 𝑄 = [𝑞𝑖𝑗]  be two NHSMs with order 𝜍 × 𝜈,  where 𝑧𝑖𝑗 =

(𝜂𝑖𝑗𝑘
𝑧 , 𝜐𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑧 ) and 𝑞𝑖𝑗 = (𝜂𝑖𝑗𝑘

𝑞
, 𝜐𝑖𝑗𝑘
𝑞
, 𝜑𝑖𝑗𝑘

𝑞
). 𝑍 is said to be the Neutrosophic Hypersoft Submatrix of 𝑄 

if; 

𝜂𝑖𝑗𝑘
𝑧 ≤ 𝜂𝑖𝑗𝑘

𝑞
, 𝜐𝑖𝑗𝑘
𝑧 ≤ 𝜐𝑖𝑗𝑘

𝑞
, 𝜑𝑖𝑗𝑘

𝑧 ≥ 𝜑𝑖𝑗𝑘
𝑞
.   

 

Example 3.3. Consider the NHSM [𝑍]2×4 of example 3.1. 

[𝑍]2×4 = (
(0.6, 0.3, 0.5) (0.4, 0.5, 0.2) (0.5, 0.7, 0.6)   
(0.3, 0.6, 0.5) (0.2, 0.1, 0.3) (0.4, 0.7, 0.1)   

(0.2, 0.3, 0.7)

(0.7, 0.3, 0.5)
) 

 

Presently consider another NHSM [𝑄] related with the Neutrosophic hypersoft set 𝑄 ∶ (˩1
𝑎 × ˩2

𝑏 ×

˩3
𝑐 × ˩4

𝑑)  → 𝑃(𝛶) over the same universe and attributes as in Example 3.1. 

𝑄 (˩1
𝑎 × ˩2

𝑏 × ˩3
𝑐 × ˩4

𝑑) = 𝑄(14, 𝐼𝑛𝑡𝑒𝑙 𝐶𝑜𝑟𝑒 𝑖5, 8𝐺𝐵, 512𝐺𝐵) 

= {
(𝐿2, {0.8, 0.5, 0.5}, {0.7, 0.6, 0.1}, {0.6, 0.8, 0.5}, {0.6, 0.4, 0.5})

(𝐿3, {0.5, 0.8, 0.1}, {0.8, 0.3, 0.2}, {0.5, 0.8, 0.1}, {0.8, 0.8, 0.4})
} 
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Hence the NHSM  [𝑄]  is written as, 

[𝑄]2×4 = (
(0.8, 0.5, 0.5) (0.7, 0.6, 0.1) (0.6, 0.8, 0.5)   
(0.5, 0.8, 0.1) (0.8, 0.3, 0.2) (0.5, 0.8, 0.1)   

(0.6, 0.4, 0.5)

(0.8, 0.8, 0.4)
) 

 

Therefore, we can observe that the membership value of 𝐿2 for 8𝐺𝐵 in both sets is (0.5, 0.7, 0.6) 

and (0.6, 0.8, 0.5)  which satisfies the definition of Neutrosophic Hypersoft Submatrix as 0.5 <

0.6, 0.7 < 0.8, 0.6 > 0.5. This shows that (0.5, 0.7, 0.6) ⊆ (0.6, 0.8, 0.5) and the same was the case 

with the rest of the attributes of NHSM [𝑍] and NHSM [𝑄]. 

 

Definition 3.4. Let 𝑍 = [𝑧𝑖𝑗]  and 𝑄 = [𝑞𝑖𝑗]  be two NHSMs with order 𝜍 × 𝜈,  where 𝑧𝑖𝑗 =

(𝜂𝑖𝑗𝑘
𝑧 , 𝜐𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑧 ) and 𝑞𝑖𝑗 = (𝜂𝑖𝑗𝑘

𝑞
, 𝜐𝑖𝑗𝑘
𝑞
, 𝜑𝑖𝑗𝑘

𝑞
). 𝑍 is said to be the Equal NHSM of 𝑄 if; 

𝜂𝑖𝑗𝑘
𝑧 = 𝜂𝑖𝑗𝑘

𝑞
, 𝜐𝑖𝑗𝑘
𝑧 = 𝜐𝑖𝑗𝑘

𝑞
, 𝜑𝑖𝑗𝑘

𝑧 = 𝜑𝑖𝑗𝑘
𝑞
.   

 

Example 3.5. Consider the NHSM [𝑍]2×4 of Example 3.1. 

[𝑍]2×4 = (
(0.6, 0.3, 0.5) (0.4, 0.5, 0.2) (0.5, 0.7, 0.6)

(0.3, 0.6, 0.5) (0.2, 0.1, 0.3) (0.4, 0.7, 0.1)
   (0.2, 0.3, 0.7)

   (0.7, 0.3, 0.5)
) 

 

Presently consider another NHSM [𝑄] related with the Neutrosophic hypersoft set 𝑄 ∶ (˩1
𝑎 × ˩2

𝑏 ×

˩3
𝑐 × ˩4

𝑑)  → 𝑃(𝛶) over the same universe and attributes as in Example 3.1. 

𝑄 (˩1
𝑎 × ˩2

𝑏 × ˩3
𝑐 × ˩4

𝑑) = 𝑄(14, 𝐼𝑛𝑡𝑒𝑙 𝐶𝑜𝑟𝑒 𝑖5, 8𝐺𝐵, 512𝐺𝐵) 

= {
(𝐿2, (0.6, 0.3, 0.5), (0.4, 0.5, 0.2), (0.5, 0.7, 0.6), (0.2, 0.3, 0.7))

(𝐿3, (0.3, 0.6, 0.5), (0.2, 0.1, 0.3), (0.4, 0.7, 0.1), (0.7, 0.3, 0.5))
} 

 

Hence the NHSM [𝑄] is written as, 

[𝑄]2×4 = (
(0.6, 0.3, 0.5) (0.4, 0.5, 0.2) (0.5, 0.7, 0.6)

(0.3, 0.6, 0.5) (0.2, 0.1, 0.3) (0.4, 0.7, 0.1)
   (0.2, 0.3, 0.7)

   (0.7, 0.3, 0.5)
) 

 

Thus, we can observe that the membership value of 𝐿2 for 8𝐺𝐵 in both the matrices satisfy the 

definition of Equal NHSM as 0.5 = 0.5, 0.7 = 0.7, 0.6 = 0.6.  This shows that (0.5, 0.7, 0.6) =

(0.5, 0.7, 0.6) and the same was the case with the rest of the attributes of NHSM [𝑍] and NHSM [𝑄]. 

 

Definition 3.6. Let 𝑍 = [𝑧𝑖𝑗] be an NHSM with order 𝜍 × 𝜈,where 𝑧𝑖𝑗 = (𝜂𝑖𝑗𝑘
𝑧 , 𝜐𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑧 ). Then the 

Neutrosophic hypersoft matrix  𝑍 is known as the Null-NHSM if; 
𝜂𝑖𝑗𝑘
𝑧 = 0, 𝜐𝑖𝑗𝑘

𝑧 = 1, 𝜑𝑖𝑗𝑘
𝑧 = 1.   

 

Example 3.7. Consider the same universe and attributes as in Example 3.1. Then a Null-NHSM 𝑍 is 

given by; 

[𝑍]2×4 = (

(0.0, 1.0, 1.0) (0.0, 1.0, 1.0)

(0.0, 1.0, 1.0) (0.0, 1.0, 1.0)
   (0.0, 1.0, 1.0) (0.0, 1.0, 1.0)

   (0.0, 1.0, 1.0) (0.0, 1.0, 1.0)

(0.0, 1.0, 1.0) (0.0, 1.0, 1.0)   
(0.0, 1.0, 1.0) (0.0, 1.0, 1.0)

(0.0, 1.0, 1.0) (0.0, 1.0, 1.0)

 (0.0, 1.0, 1.0) (0.0, 1.0, 1.0)

) 

 

Definition 3.8. Let 𝑍 = [𝑧𝑖𝑗]  ∈ NHSM with order 𝜍 × 𝜈,where 𝑧𝑖𝑗 = (𝜂𝑖𝑗𝑘
𝑧 , 𝜐𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑧 ). The matrix  𝑍 

is known as the Universal-NHSM in the case; 
𝜂𝑖𝑗𝑘
𝑧 = 1, 𝜐𝑖𝑗𝑘

𝑧 = 0, 𝜑𝑖𝑗𝑘
𝑧 = 0.   

 

Example 3.9. Consider the same universe and attributes as in Example 3.1. Then a Universal-NHSM 

𝑍 is given by; 

[𝑍]2×4 = (

(1.0, 0.0, 0.0) (1.0, 0.0, 0.0)   
(1.0, 0.0, 0.0) (1.0, 0.0, 0.0)

(1.0, 0.0, 0.0) (1.0, 0.0, 0.0)

(1.0, 0.0, 0.0) (1.0, 0.0, 0.0)

(1.0, 0.0, 0.0) (1.0, 0.0, 0.0)

(1.0, 0.0, 0.0) (1.0, 0.0, 0.0)
   (1.0, 0.0, 0.0) (1.0, 0.0, 0.0)

(1.0, 0.0, 0.0) (1.0, 0.0, 0.0)

) 
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Definition 3.10. Let 𝑍 = [𝑧𝑖𝑗] ∈  NHSM with order 𝜍 × 𝜈,where 𝑧𝑖𝑗 = (𝜂𝑖𝑗𝑘
𝑧 , 𝜐𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑧 ) . Then 𝑍 =

[𝑧𝑖𝑗]
𝑐
 is said to Complement NHSM of 𝑍 = [𝑧𝑖𝑗] if; 

(𝜂𝑖𝑗𝑘
𝑧 , 𝜐𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑧 )

𝑐
= (𝜑𝑖𝑗𝑘

𝑧 , 𝜐𝑖𝑗𝑘
𝑧 , 𝜂𝑖𝑗𝑘

𝑧 ) 

 

Example 3.11. Consider the NHSM [𝑍]2×4 of example 3.1. 

[𝑍]2×4 = (
(0.6, 0.3, 0.5) (0.4, 0.5, 0.2) (0.5, 0.7, 0.6)

(0.3, 0.6, 0.5) (0.2, 0.1, 0.3) (0.4, 0.7, 0.1)
   (0.2, 0.3, 0.7)

   (0.7, 0.3, 0.5)
) 

Then, 

[𝑍]𝑐 = (
(0.5, 0.3, 0.6) (0.2, 0.5, 0.4) (0.6, 0.7, 0.5)   
(0.5, 0.6, 0.3) (0.3, 0.1, 0.2) (0.1, 0.7, 0.4)

(0.7, 0.3, 0.2)

(0.5, 0.3, 0.7)
) 

 

4. NHCM and Some Properties of NHSM 

This section provides the concept of NHCM, combined NHCM and product of NHCM, and 

some properties of NHSM. 

 

4.1 NHCM and Combined NHCM 

Definition 4.1. NHCM is a square matrix whose rows and columns both indicate attributes. If 𝜉 is a 

NHCM, where 𝜉 = [𝜉𝑖𝑗] such that 𝜉𝑖𝑗 = (𝜂𝑖𝑗𝑘
𝜉
, 𝜐𝑖𝑗𝑘
𝜉
, 𝜑𝑖𝑗𝑘

𝜉
) is defined as, 

(𝜂𝑖𝑗𝑘
𝜉
, 𝜐𝑖𝑗𝑘
𝜉
, 𝜑𝑖𝑗𝑘

𝜉
) = (1, 0.5, 0),when both 𝑖𝑡ℎ  and 𝑗𝑡ℎ  attributes are under the choice of the 

decision maker. 

(𝜂𝑖𝑗𝑘
𝜉
, 𝜐𝑖𝑗𝑘
𝜉
, 𝜑𝑖𝑗𝑘

𝜉
) = (0, 0.5, 1),when atleast one of the attributes 𝑖 or 𝑗 is not under the choice of 

the decision maker. 

 

Example 4.2. Consider the same universe and attributes as in Example 3.1. If Mr. X is interested in 

buying a laptop based on the attributes (˩1
𝑎 × ˩2

𝑏 × ˩4
𝑑) = (14, 𝐼𝑛𝑡𝑒𝑙 𝐶𝑜𝑟𝑒 𝑖5, 512𝐺𝐵). Then the NHCM 

of Mr. X can be represented as, 

˩𝑋 

[𝜉𝑖𝑗]𝑋 = ˩𝑋 (

(1.0, 0.5, 0.0) (1.0, 0.5, 0.0)   
(1.0, 0.5, 0.0) (1.0, 0.5, 0.0)

(0.0, 0.5, 1.0) (1.0, 0.5, 0.0)

(0.0, 0.5, 1.0) (1.0, 0.5, 0.0)

(0.0, 0.5, 1.0) (0.0, 0.5, 1.0)

(1.0, 0.5, 0.0) (1.0, 0.5, 0.0)
   (0.0, 0.5, 1.0) (0.0, 0.5, 1.0)

(0.0, 0.5, 1.0) (1.0, 0.5, 0.0)

) 

 

Definition 4.3. Combined NHCM is a square matrix whose rows indicate the choice attributes of the 

single decision maker and columns indicate the combined choice attributes of remaining 

decision-makers, i.e., acquired from the intersection of attributes sets, which is denoted by 𝜉𝐶. 

 

Note 4.1. Combined NHCM is applicable only for combined opinion because the attribute values of 

each decision maker occur from the same relation of attribute values. 

 

Example 4.4. Consider the same universe and attributes as in Example 3.1. If Mr. X, Mr. Y, and Mr. Z 

wants to buy a Laptop based on their combined opinion of  attribute relation (˩1
𝑎 × ˩2

𝑏 × ˩3
𝑐 × ˩4

𝑑) =

(14, 𝐼𝑛𝑡𝑒𝑙 𝐶𝑜𝑟𝑒 𝑖5, 8𝐺𝐵, 512𝐺𝐵),  then attributes chosen by Mr. X is (˩1
𝑎 × ˩2

𝑏 × ˩4
𝑑) =

(14, 𝐼𝑛𝑡𝑒𝑙 𝐶𝑜𝑟𝑒 𝑖5, 512𝐺𝐵) ⊂ (14, 𝐼𝑛𝑡𝑒𝑙 𝐶𝑜𝑟𝑒 𝑖5, 8𝐺𝐵, 512𝐺𝐵),  the attributes chosen by Mr. Y is 

(˩1
𝑎 × ˩4

𝑑) = (14, 512𝐺𝐵) ⊂ (14, 𝐼𝑛𝑡𝑒𝑙 𝐶𝑜𝑟𝑒 𝑖5, 8𝐺𝐵, 512𝐺𝐵), and the attributes chosen by Mr. Z is 

(˩1
𝑎 × ˩3

𝑐 × ˩4
𝑑) = (14, 8𝐺𝐵, 512𝐺𝐵) ⊂ (14, 𝐼𝑛𝑡𝑒𝑙 𝐶𝑜𝑟𝑒 𝑖5, 8𝐺𝐵, 512𝐺𝐵). Then combined NHCM of Mr. 

X, Mr. Y, and Mr. Z is, 
˩(𝑌∩𝑍) 
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[𝜉𝑖𝑗
𝐶 ]
(𝑋,𝑌∩𝑍)

= ˩𝑋 (

(1.0, 0.5, 0.0) (0.0, 0.5, 1.0)  
(1.0, 0.5, 0.0) (0.0, 0.5, 1.0)

(0.0, 0.5, 1.0) (1.0, 0.5, 0.0)

(0.0, 0.5, 1.0) (1.0, 0.5, 0.0)

(0.0, 0.5, 1.0) (0.0, 0.5, 1.0)  
(1.0, 0.5, 0.0) (0.0, 0.5, 1.0)

(0.0, 0.5, 1.0) (0.0, 0.5, 1.0)

 (0.0, 0.5, 1.0) (1.0, 0.5, 0.0)

) 

 

Similarly, we can give the combined NHCM for [𝜉𝑖𝑗
𝐶 ]
(𝑌,𝑋∩𝑍),

[𝜉𝑖𝑗
𝐶 ]
(𝑍,𝑌∩𝑋)

 also. 

 

Definition 4.5. Let 𝑍 = [𝑧𝑖𝑗]  be NHCM and 𝜉𝐶 = [𝜉𝑖𝑗
𝐶 ]  be combined with NHCM, where 𝑧𝑖𝑗 =

(𝜂𝑖𝑗𝑘
𝑧 , 𝜐𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑧 )  and [ 𝜉𝑖𝑗

𝐶 = (𝜂𝑖𝑗𝑘
𝜉𝐶
, 𝜐𝑖𝑗𝑘
𝜉𝐶
, 𝜑𝑖𝑗𝑘

𝜉𝐶
).  Then 𝑍  and 𝜉𝐶  are said to be conformable for the 

product if number of columns of NHCM is equal to the number of rows of combined NHCM. If 𝑍 =

[𝑧𝑖𝑗]𝜍×𝜈and 𝜉𝐶 = [𝜉𝑖𝑗
𝐶 ]
𝜍×𝜈

, then 𝑍 ⊗ 𝜉𝐶 = [𝑃𝑖𝑚]𝜍×𝜈, were 

𝑃𝑖𝑚 = (𝑚𝑎𝑥𝑗𝑘 min (𝜂𝑖𝑗𝑘
𝑧 , 𝜂𝑗𝑘𝑚

𝜉𝐶
) ,𝑚𝑖𝑛𝑗𝑘max (𝜐𝑖𝑗𝑘

𝑧 , 𝜐𝑗𝑘𝑚
𝜉𝐶
) ,𝑚𝑖𝑛𝑗𝑘max (𝜑𝑖𝑗𝑘

𝑧 , 𝜑𝑗𝑘𝑚
𝜉𝐶

)).  

 

4.2 Properties of NHSM 

Proposition 4.6. Let 𝑍 = [𝑧𝑖𝑗], 𝑄 = [𝑞𝑖𝑗]  and 𝑊 = [𝑤𝑖𝑗],  where 𝑧𝑖𝑗 = (𝜂𝑖𝑗𝑘
𝑧 , 𝜐𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑧 ), 𝑞𝑖𝑗 =

(𝜂𝑖𝑗𝑘
𝑞
, 𝜐𝑖𝑗𝑘
𝑞
, 𝜑𝑖𝑗𝑘

𝑞
), 𝑤𝑖𝑗 = (𝜂𝑖𝑗𝑘

𝑤 , 𝜐𝑖𝑗𝑘
𝑤 , 𝜑𝑖𝑗𝑘

𝑤 )  ∈ 𝑁𝐻𝑆𝑀𝑠 of order 𝜍 × 𝜈. Then, 

i). 𝑍 ⊛ (𝑄 ∪𝑊) = (𝑍 ⊛ 𝑄) ∪ (𝑍 ⊛𝑊),     (𝑍 ∪ 𝑄) ⊛𝑊 = (𝑍 ⊛𝑊) ∪ (𝑄 ⊛𝑊) 

ii). 𝑍 ⊛ (𝑄 ∩𝑊) = (𝑍 ⊛ 𝑄) ∩ (𝑍 ⊛𝑊),     (𝑍 ∩ 𝑄) ⊛𝑊 = (𝑍 ⊛𝑊) ∩ (𝑄 ⊛𝑊) 

iii). 𝑍 ⊚ (𝑄 ∪𝑊) ≠ (𝑍 ⊚ 𝑄) ∪ (𝑍 ⊚𝑊),     (𝑍 ∪ 𝑄) ⊚𝑊 ≠ (𝑍 ⊚𝑊) ∪ (𝑄 ⊚𝑊) 

iv). 𝑍 ⊚ (𝑄 ∩𝑊) ≠ (𝑍 ⊚ 𝑄) ∩ (𝑍 ⊚𝑊),     (𝑍 ∩ 𝑄) ⊚𝑊 ≠ (𝑍 ⊚𝑊) ∩ (𝑄 ⊚𝑊) 

v). 𝑍 ⊡ (𝑄 ∪𝑊) ≠ (𝑍 ⊡ 𝑄) ∪ (𝑍 ⊡𝑊),     (𝑍 ∪ 𝑄) ⊡𝑊 ≠ (𝑍 ⊡𝑊) ∪ (𝑄 ⊡𝑊) 

vi). 𝑍 ⊡ (𝑄 ∩𝑊) ≠ (𝑍 ⊡ 𝑄) ∩ (𝑍 ⊡𝑊),     (𝑍 ∩ 𝑄) ⊡𝑊 ≠ (𝑍 ⊡𝑊) ∩ (𝑄 ⊡𝑊) 

 

Proof:(𝑖)    𝐻𝑒𝑟𝑒 𝑍 ⊛ (𝑄 ∪𝑊), (𝑍 ⊛ 𝑄) ∪ (𝑍 ⊛𝑊) ∈ 𝑁𝐻𝑆𝑀𝜍×𝜈 . Then, 

𝑍 ⊛ (𝑄 ∪𝑊) = [(𝜂𝑖𝑗𝑘
𝑧 , 𝜐𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑧 )] ⊛ [(max(𝜂𝑖𝑗𝑘

𝑞
, 𝜂𝑖𝑗𝑘
𝑤 ) ,

(𝜐𝑖𝑗𝑘
𝑞
+ 𝜐𝑖𝑗𝑘

𝑤 )

2
 , min(𝜑𝑖𝑗𝑘

𝑞
, 𝜑𝑖𝑗𝑘

𝑤 ))] 

                        =[(
𝜂𝑖𝑗𝑘
𝑧 +max(𝜂𝑖𝑗𝑘

𝑞
,𝜂𝑖𝑗𝑘
𝑤 )

2
,
𝜐𝑖𝑗𝑘
𝑧 +

(𝜐
𝑖𝑗𝑘
𝑞

+ 𝜐𝑖𝑗𝑘
𝑤 )

2

2
,
𝜑𝑖𝑗𝑘
𝑧 +min(𝜑𝑖𝑗𝑘

𝑞
,𝜑𝑖𝑗𝑘
𝑤 )

2
)] 

=[(max[(
𝜂𝑖𝑗𝑘
𝑧 +𝜂𝑖𝑗𝑘

𝑞

2
), (

𝜂𝑖𝑗𝑘
𝑧 +𝜂𝑖𝑗𝑘

𝑤

2
)],

𝜐𝑖𝑗𝑘
𝑧 +𝜐

𝑖𝑗𝑘
𝑞

2
+
𝜐𝑖𝑗𝑘
𝑧 +𝜐𝑖𝑗𝑘

𝑤

2

2
, min [(

𝜑𝑖𝑗𝑘
𝑧 +𝜑𝑖𝑗𝑘

𝑞

2
), (

𝜑𝑖𝑗𝑘
𝑧 +𝜑𝑖𝑗𝑘

𝑤

2
)])] 

                        =[(
𝜂𝑖𝑗𝑘
𝑧 +𝜂𝑖𝑗𝑘

𝑞

2
,
𝜐𝑖𝑗𝑘
𝑧 +𝜐𝑖𝑗𝑘

𝑞

2
,
𝜑𝑖𝑗𝑘
𝑧 +𝜑𝑖𝑗𝑘

𝑞

2
)]  ∪ [(

𝜂𝑖𝑗𝑘
𝑧 +𝜂𝑖𝑗𝑘

𝑤

2
,
𝜐𝑖𝑗𝑘
𝑧 +𝜐𝑖𝑗𝑘

𝑤

2
,
𝜑𝑖𝑗𝑘
𝑧 +𝜑𝑖𝑗𝑘

𝑤

2
)]  

𝑍 ⊛ (𝑄 ∪𝑊) = (𝑍 ⊛ 𝑄) ∪ (𝑍 ⊛𝑊) 

(𝑖𝑖)𝐻𝑒𝑟𝑒 𝑍 ⊛ (𝑄 ∩𝑊), (𝑍 ⊛ 𝑄) ∩ (𝑍 ⊛𝑊) ∈ 𝑁𝐻𝑆𝑀𝜍×𝜈. Then, 

𝑍 ⊛ (𝑄 ∩𝑊) = [(𝜂𝑖𝑗𝑘
𝑧 , 𝜐𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑧 )] ⊛ [(min(𝜂𝑖𝑗𝑘

𝑞
, 𝜂𝑖𝑗𝑘
𝑤 ) ,

(𝜐𝑖𝑗𝑘
𝑞
+ 𝜐𝑖𝑗𝑘

𝑤 )

2
 , max(𝜑𝑖𝑗𝑘

𝑞
, 𝜑𝑖𝑗𝑘

𝑤 ))] 

                        =[(
𝜂𝑖𝑗𝑘
𝑧 +min(𝜂𝑖𝑗𝑘

𝑞
,𝜂𝑖𝑗𝑘
𝑤 )

2
,
𝜐𝑖𝑗𝑘
𝑧 +

(𝜐
𝑖𝑗𝑘
𝑞

+ 𝜐𝑖𝑗𝑘
𝑤 )

2

2
,
𝜑𝑖𝑗𝑘
𝑧 +max(𝜑𝑖𝑗𝑘

𝑞
,𝜑𝑖𝑗𝑘
𝑤 )

2
)] 
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=[(min[(
𝜂𝑖𝑗𝑘
𝑧 +𝜂𝑖𝑗𝑘

𝑞

2
), (

𝜂𝑖𝑗𝑘
𝑧 +𝜂𝑖𝑗𝑘

𝑤

2
)],

𝜐𝑖𝑗𝑘
𝑧 +𝜐

𝑖𝑗𝑘
𝑞

2
+
𝜐𝑖𝑗𝑘
𝑧 +𝜐𝑖𝑗𝑘

𝑤

2

2
, max [(

𝜑𝑖𝑗𝑘
𝑧 +𝜑𝑖𝑗𝑘

𝑞

2
), (

𝜑𝑖𝑗𝑘
𝑧 +𝜑𝑖𝑗𝑘

𝑤

2
)])] 

=[(
𝜂𝑖𝑗𝑘
𝑧 +𝜂𝑖𝑗𝑘

𝑞

2
,
𝜐𝑖𝑗𝑘
𝑧 +𝜐𝑖𝑗𝑘

𝑞

2
,
𝜑𝑖𝑗𝑘
𝑧 +𝜑𝑖𝑗𝑘

𝑞

2
)]  ∩ [(

𝜂𝑖𝑗𝑘
𝑧 +𝜂𝑖𝑗𝑘

𝑤

2
,
𝜐𝑖𝑗𝑘
𝑧 +𝜐𝑖𝑗𝑘

𝑤

2
,
𝜑𝑖𝑗𝑘
𝑧 +𝜑𝑖𝑗𝑘

𝑤

2
)]  

𝑍 ⊛ (𝑄 ∩𝑊) = (𝑍 ⊛ 𝑄) ∩ (𝑍 ⊛𝑊) 

(𝑖𝑖𝑖)𝐻𝑒𝑟𝑒 (𝑍 ∪ 𝑄) ⊚𝑊, (𝑍 ⊚𝑊) ∪ (𝑄 ⊚𝑊) ∈ 𝑁𝐻𝑆𝑀𝜍×𝜈 . Then, 

(𝑍 ∪ 𝑄) ⊚𝑊 = [(max(𝜂𝑖𝑗𝑘
𝑧 , 𝜂𝑖𝑗𝑘

𝑞
) ,
(𝜐𝑖𝑗𝑘

𝑧 + 𝜐𝑖𝑗𝑘
𝑞
)

2
 , min(𝜑𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑞
))]⊚ [(𝜂𝑖𝑗𝑘

𝑤 , 𝜐𝑖𝑗𝑘
𝑤 , 𝜑𝑖𝑗𝑘

𝑤 )] 

= [(√max (𝜂𝑖𝑗𝑘
𝑧 , 𝜂𝑖𝑗𝑘

𝑞
) . 𝜂𝑖𝑗𝑘

𝑤 , √
(𝜐𝑖𝑗𝑘

𝑧 + 𝜐𝑖𝑗𝑘
𝑞
)

2
. 𝜐𝑖𝑗𝑘
𝑤 , √min (𝜑𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑞
) . 𝜑𝑖𝑗𝑘

𝑤 )] 

(𝑍 ∪ 𝑄) ⊚𝑊 = [(max (√𝜂𝑖𝑗𝑘
𝑧 . 𝜂𝑖𝑗𝑘

𝑤 , √𝜂𝑖𝑗𝑘
𝑞
. 𝜂𝑖𝑗𝑘
𝑤 ) , (√

(𝜐𝑖𝑗𝑘
𝑧 + 𝜐𝑖𝑗𝑘

𝑤 )

2

+ √
(𝜐𝑖𝑗𝑘

𝑞
+ 𝜐𝑖𝑗𝑘

𝑤 )

2
) ,min (√(𝜑𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑤 ), √(𝜑𝑖𝑗𝑘

𝑞
, 𝜑𝑖𝑗𝑘

𝑤 )))] 

(𝑍 ⊚𝑊) ∪ (𝑄 ⊚𝑊)

=

[
 
 
 
 

(

 
 
max (√𝜂𝑖𝑗𝑘

𝑧 . 𝜂𝑖𝑗𝑘
𝑤 , √𝜂𝑖𝑗𝑘

𝑞
. 𝜂𝑖𝑗𝑘
𝑤 ) ,

(

 
 √

𝜐𝑖𝑗𝑘
𝑧 + 𝜐𝑖𝑗𝑘

𝑤 +√𝜐𝑖𝑗𝑘
𝑞
+ 𝜐𝑖𝑗𝑘

𝑤

2

)

 
 
,min (√(𝜑𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑤 ), √(𝜑𝑖𝑗𝑘

𝑞
, 𝜑𝑖𝑗𝑘

𝑤 ))

)

 
 

]
 
 
 
 

 

We have,(𝑍 ∪ 𝑄) ⊚𝑊 ≠ (𝑍 ⊚𝑊) ∪ (𝑄 ⊚𝑊). 

(𝑖𝑣)𝐻𝑒𝑟𝑒 (𝑍 ∩ 𝑄) ⊚𝑊, (𝑍 ⊚𝑊) ∩ (𝑄 ⊚𝑊) ∈ 𝑁𝐻𝑆𝑀𝜍×𝜈. Then, 

(𝑍 ∩ 𝑄) ⊚𝑊 = [(min(𝜂𝑖𝑗𝑘
𝑧 , 𝜂𝑖𝑗𝑘

𝑞
) ,
(𝜐𝑖𝑗𝑘

𝑧 + 𝜐𝑖𝑗𝑘
𝑞
)

2
 , max(𝜑𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑞
))]⊚ [(𝜂𝑖𝑗𝑘

𝑤 , 𝜐𝑖𝑗𝑘
𝑤 , 𝜑𝑖𝑗𝑘

𝑤 )] 

= [(√min (𝜂𝑖𝑗𝑘
𝑧 , 𝜂𝑖𝑗𝑘

𝑞
) . 𝜂𝑖𝑗𝑘

𝑤 , √
(𝜐𝑖𝑗𝑘

𝑧 + 𝜐𝑖𝑗𝑘
𝑞
)

2
. 𝜐𝑖𝑗𝑘
𝑤 , √max (𝜑𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑞
) . 𝜑𝑖𝑗𝑘

𝑤 )] 
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(𝑍 ∩ 𝑄) ⊚𝑊 = [(min (√𝜂𝑖𝑗𝑘
𝑧 . 𝜂𝑖𝑗𝑘

𝑤 , √𝜂𝑖𝑗𝑘
𝑞
. 𝜂𝑖𝑗𝑘
𝑤 ) , (√

(𝜐𝑖𝑗𝑘
𝑧 + 𝜐𝑖𝑗𝑘

𝑤 )

2

+ √
(𝜐𝑖𝑗𝑘

𝑞
+ 𝜐𝑖𝑗𝑘

𝑤 )

2
) ,max (√(𝜑𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑤 ), √(𝜑𝑖𝑗𝑘

𝑞
, 𝜑𝑖𝑗𝑘

𝑤 )))] 

(𝑍 ⊚𝑊) ∩ (𝑄 ⊚𝑊)

=

[
 
 
 
 

(

 
 
min (√𝜂𝑖𝑗𝑘

𝑧 . 𝜂𝑖𝑗𝑘
𝑤 , √𝜂𝑖𝑗𝑘

𝑞
. 𝜂𝑖𝑗𝑘
𝑤 ) ,

(

 
 √

𝜐𝑖𝑗𝑘
𝑧 + 𝜐𝑖𝑗𝑘

𝑤 + √𝜐𝑖𝑗𝑘
𝑞
+ 𝜐𝑖𝑗𝑘

𝑤

2

)

 
 
,max (√(𝜑𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑤 ), √(𝜑𝑖𝑗𝑘

𝑞
, 𝜑𝑖𝑗𝑘

𝑤 ))

)

 
 

]
 
 
 
 

 

We have, (𝑍 ∩ 𝑄) ⊚𝑊 ≠ (𝑍 ⊚𝑊) ∩ (𝑄 ⊚𝑊). 

(𝑣)𝐻𝑒𝑟𝑒 (𝑍 ∪ 𝑄) ⊡𝑊, (𝑍 ⊡𝑊) ∪ (𝑄 ⊡𝑊)  ∈ 𝑁𝐻𝑆𝑀𝜍×𝜈 . Then, 

(𝑍 ∪ 𝑄) ⊡𝑊 = [(max(𝜂𝑖𝑗𝑘
𝑧 , 𝜂𝑖𝑗𝑘

𝑞
) ,
(𝜐𝑖𝑗𝑘

𝑧 + 𝜐𝑖𝑗𝑘
𝑞
)

2
 , min(𝜑𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑞
))] ⊡ [(𝜂𝑖𝑗𝑘

𝑤 , 𝜐𝑖𝑗𝑘
𝑤 , 𝜑𝑖𝑗𝑘

𝑤 )] 

                        =[(
max(𝜂𝑖𝑗𝑘

𝑧 ,𝜂𝑖𝑗𝑘
𝑞
).2𝜂𝑖𝑗𝑘

𝑤

max(𝜂𝑖𝑗𝑘
𝑧 ,𝜂

𝑖𝑗𝑘
𝑞
)+𝜂𝑖𝑗𝑘

𝑤 ,

(𝜐𝑖𝑗𝑘
𝑧 + 𝜐

𝑖𝑗𝑘
𝑞

)

2
.2𝜐𝑖𝑗𝑘

𝑤

(𝜐𝑖𝑗𝑘
𝑧 + 𝜐

𝑖𝑗𝑘
𝑞

)

2
+𝜐𝑖𝑗𝑘

𝑤

,
min(𝜑𝑖𝑗𝑘

𝑧 ,𝜑𝑖𝑗𝑘
𝑞
).2𝜑𝑖𝑗𝑘

𝑤

min(𝜑𝑖𝑗𝑘
𝑧 ,𝜑

𝑖𝑗𝑘
𝑞
)+𝜑𝑖𝑗𝑘

𝑤 )] 

(𝑍 ∪ 𝑄) ⊡𝑊 = [(max(
2𝜂𝑖𝑗𝑘

𝑧 . 𝜂𝑖𝑗𝑘
𝑤

𝜂𝑖𝑗𝑘
𝑧 + 𝜂𝑖𝑗𝑘

𝑤 ,
2𝜂𝑖𝑗𝑘

𝑞
. 𝜂𝑖𝑗𝑘
𝑤

𝜂𝑖𝑗𝑘
𝑞
+ 𝜂𝑖𝑗𝑘

𝑤
) , (

2𝜐𝑖𝑗𝑘
𝑧 . 𝜐𝑖𝑗𝑘

𝑤

𝜐𝑖𝑗𝑘
𝑧 + 𝜐𝑖𝑗𝑘

𝑤

+
2𝜐𝑖𝑗𝑘

𝑞
. 𝜐𝑖𝑗𝑘
𝑤

𝜐𝑖𝑗𝑘
𝑞
+ 𝜐𝑖𝑗𝑘

𝑤
) ,min (

2φ𝑖𝑗𝑘
𝑧 . φ𝑖𝑗𝑘

𝑤

φ𝑖𝑗𝑘
𝑧 +φ𝑖𝑗𝑘

𝑤 ,
2φ𝑖𝑗𝑘

𝑞
. φ𝑖𝑗𝑘

𝑤

φ𝑖𝑗𝑘
𝑞
+ φ𝑖𝑗𝑘

𝑤
))] 

(𝑍 ⊡𝑊) ∪ (𝑄 ⊡𝑊)

=  

[
 
 
 
 

(

 
 
max(

2𝜂𝑖𝑗𝑘
𝑧 . 𝜂𝑖𝑗𝑘

𝑤

𝜂𝑖𝑗𝑘
𝑧 + 𝜂𝑖𝑗𝑘

𝑤 ,
2𝜂𝑖𝑗𝑘

𝑞
. 𝜂𝑖𝑗𝑘
𝑤

𝜂𝑖𝑗𝑘
𝑞
+ 𝜂𝑖𝑗𝑘

𝑤
) ,

(

 
 

2𝜐𝑖𝑗𝑘
𝑧 .𝜐𝑖𝑗𝑘

𝑤

𝜐𝑖𝑗𝑘
𝑧 + 𝜐𝑖𝑗𝑘

𝑤 +
2𝜐𝑖𝑗𝑘
𝑞
.𝜐𝑖𝑗𝑘
𝑤

𝜐
𝑖𝑗𝑘
𝑞
+ 𝜐𝑖𝑗𝑘

𝑤

2

)

 
 
,min (

2φ𝑖𝑗𝑘
𝑧 . φ𝑖𝑗𝑘

𝑤

φ𝑖𝑗𝑘
𝑧 +φ𝑖𝑗𝑘

𝑤 ,
2φ𝑖𝑗𝑘

𝑞
. φ𝑖𝑗𝑘

𝑤

φ𝑖𝑗𝑘
𝑞
+ φ𝑖𝑗𝑘

𝑤
)

)

 
 

]
 
 
 
 

 

We have, (𝑍 ∪ 𝑄) ⊡𝑊 ≠ (𝑍 ⊡𝑊) ∪ (𝑄 ⊡𝑊). 

(𝑣)𝐻𝑒𝑟𝑒 (𝑍 ∩ 𝑄) ⊡𝑊, (𝑍 ⊡𝑊) ∩ (𝑄 ⊡𝑊)  ∈ 𝑁𝐻𝑆𝑀𝜍×𝜈 . Then, 

(𝑍 ∩ 𝑄) ⊡𝑊 = [(min(𝜂𝑖𝑗𝑘
𝑧 , 𝜂𝑖𝑗𝑘

𝑞
) ,
(𝜐𝑖𝑗𝑘

𝑧 + 𝜐𝑖𝑗𝑘
𝑞
)

2
 , max(𝜑𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑞
))] ⊡ [(𝜂𝑖𝑗𝑘

𝑤 , 𝜐𝑖𝑗𝑘
𝑤 , 𝜑𝑖𝑗𝑘

𝑤 )] 
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                        =[(
min(𝜂𝑖𝑗𝑘

𝑧 ,𝜂𝑖𝑗𝑘
𝑞
).2𝜂𝑖𝑗𝑘

𝑤

min(𝜂𝑖𝑗𝑘
𝑧 ,𝜂

𝑖𝑗𝑘
𝑞
)+𝜂𝑖𝑗𝑘

𝑤 ,

(𝜐𝑖𝑗𝑘
𝑧 + 𝜐

𝑖𝑗𝑘
𝑞

)

2
.2𝜐𝑖𝑗𝑘

𝑤

(𝜐𝑖𝑗𝑘
𝑧 + 𝜐

𝑖𝑗𝑘
𝑞

)

2
+𝜐𝑖𝑗𝑘

𝑤

,
max(𝜑𝑖𝑗𝑘

𝑧 ,𝜑𝑖𝑗𝑘
𝑞
).2𝜑𝑖𝑗𝑘

𝑤

max(𝜑𝑖𝑗𝑘
𝑧 ,𝜑

𝑖𝑗𝑘
𝑞
)+𝜑𝑖𝑗𝑘

𝑤 )] 

(𝑍 ∩ 𝑄) ⊡𝑊 = [(min (
2𝜂𝑖𝑗𝑘

𝑧 . 𝜂𝑖𝑗𝑘
𝑤

𝜂𝑖𝑗𝑘
𝑧 + 𝜂𝑖𝑗𝑘

𝑤 ,
2𝜂𝑖𝑗𝑘

𝑞
. 𝜂𝑖𝑗𝑘
𝑤

𝜂𝑖𝑗𝑘
𝑞
+ 𝜂𝑖𝑗𝑘

𝑤
) , (

2𝜐𝑖𝑗𝑘
𝑧 . 𝜐𝑖𝑗𝑘

𝑤

𝜐𝑖𝑗𝑘
𝑧 + 𝜐𝑖𝑗𝑘

𝑤

+
2𝜐𝑖𝑗𝑘

𝑞
. 𝜐𝑖𝑗𝑘
𝑤

𝜐𝑖𝑗𝑘
𝑞
+ 𝜐𝑖𝑗𝑘

𝑤
) ,max(

2φ𝑖𝑗𝑘
𝑧 . φ𝑖𝑗𝑘

𝑤

φ𝑖𝑗𝑘
𝑧 + φ𝑖𝑗𝑘

𝑤 ,
2φ𝑖𝑗𝑘

𝑞
. φ𝑖𝑗𝑘

𝑤

φ𝑖𝑗𝑘
𝑞
+ φ𝑖𝑗𝑘

𝑤
))] 

(𝑍 ⊡𝑊) ∩ (𝑄 ⊡𝑊)

=  

[
 
 
 
 

(

 
 
min (

2𝜂𝑖𝑗𝑘
𝑧 . 𝜂𝑖𝑗𝑘

𝑤

𝜂𝑖𝑗𝑘
𝑧 + 𝜂𝑖𝑗𝑘

𝑤 ,
2𝜂𝑖𝑗𝑘

𝑞
. 𝜂𝑖𝑗𝑘
𝑤

𝜂𝑖𝑗𝑘
𝑞
+ 𝜂𝑖𝑗𝑘

𝑤
) ,

(

 
 

2𝜐𝑖𝑗𝑘
𝑧 .𝜐𝑖𝑗𝑘

𝑤

𝜐𝑖𝑗𝑘
𝑧 + 𝜐𝑖𝑗𝑘

𝑤 +
2𝜐𝑖𝑗𝑘
𝑞
.𝜐𝑖𝑗𝑘
𝑤

𝜐
𝑖𝑗𝑘
𝑞
+ 𝜐𝑖𝑗𝑘

𝑤

2

)

 
 
,max (

2φ𝑖𝑗𝑘
𝑧 . φ𝑖𝑗𝑘

𝑤

φ𝑖𝑗𝑘
𝑧 +φ𝑖𝑗𝑘

𝑤 ,
2φ𝑖𝑗𝑘

𝑞
. φ𝑖𝑗𝑘

𝑤

φ𝑖𝑗𝑘
𝑞
+ φ𝑖𝑗𝑘

𝑤
)

)

 
 

]
 
 
 
 

 

We have, (𝑍 ∩ 𝑄) ⊡𝑊 ≠ (𝑍 ⊡𝑊) ∩ (𝑄 ⊡𝑊). 

Proposition 4.7. Let 𝑍 = [𝑧𝑖𝑗],  where 𝑧𝑖𝑗 = (𝜂𝑖𝑗𝑘
𝑧 , 𝜐𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑧 )  ∈ 𝑁𝐻𝑆𝑀𝑠 of order 𝜍 × 𝜈.Then, 

i). 𝑍 ⊛𝑤 𝑍 = 𝑍 

ii). 𝑍 ⊚𝑤 𝑍 = 𝑍 

iii). 𝑍 ⊡𝑤 𝑍 = 𝑍 

 

Proof: For all 𝑖, 𝑗, 𝑘 and 𝑤1, 𝑤2 > 0 we have, 

i). 𝑍 ⊛𝑤 𝑍 =[(
𝑤1𝜂𝑖𝑗𝑘

𝑧 + 𝑤2𝜂𝑖𝑗𝑘
𝑧

𝑤1+ 𝑤2
,
𝑤1𝜐𝑖𝑗𝑘

𝑧 + 𝑤2𝜐𝑖𝑗𝑘
𝑧

𝑤1+𝑤2
,
𝑤1𝜑𝑖𝑗𝑘

𝑧 + 𝑤2𝜑𝑖𝑗𝑘
𝑧

𝑤1+𝑤2
)] = [(𝜂𝑖𝑗𝑘

𝑧 , 𝜐𝑖𝑗𝑘
𝑧 , 𝜑𝑖𝑗𝑘

𝑧 )] = 𝑍. 

ii). 𝑍 ⊚𝑤 𝑍 = [((𝑤1 + 𝑤2)√(𝜂𝑖𝑗𝑘
𝑧 )𝑤1 . (𝜂𝑖𝑗𝑘

𝑧 )𝑤2 , (𝑤1 + 𝑤2)√(𝜐𝑖𝑗𝑘
𝑧 )𝑤1 . (𝜐𝑖𝑗𝑘

𝑧 )𝑤2 , (𝑤1 +

𝑤2)√(𝜑𝑖𝑗𝑘
𝑧 )𝑤1 . (𝜑𝑖𝑗𝑘

𝑧 )𝑤2)] = [(𝜂𝑖𝑗𝑘
𝑧 , 𝜐𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑧 )] = 𝑍. 

iii).  𝑍 ⊡𝑤 𝑍 = [(
𝑤1+𝑤2
𝑤1
𝜂𝑖𝑗𝑘
𝑧 +

𝑤2
𝜂𝑖𝑗𝑘
𝑧
,
𝑤1+𝑤2
𝑤1
𝜐𝑖𝑗𝑘
𝑧 +

𝑤2
𝜐𝑖𝑗𝑘
𝑧
,
𝑤1+𝑤2
𝑤1
𝜑𝑖𝑗𝑘
𝑧 +

𝑤2
𝜑𝑖𝑗𝑘
𝑧
)] = [(𝜂𝑖𝑗𝑘

𝑧 , 𝜐𝑖𝑗𝑘
𝑧 , 𝜑𝑖𝑗𝑘

𝑧 )] = 𝑍. 

 

5. An Application of NHSM in a Decision-making Problem 

Based on some of these matrix operations an efficient methodology named NHSM-algorithm 

can be developed to solve Neutrosophic hypersoft set-based decision-making problems. 

 

Definition 5.1. Let 𝑍 = [𝑧𝑖𝑗]𝜍×𝜈 be a Neutrosophic hypersoft matrix where 𝑧𝑖𝑗 = (𝜂𝑖𝑗𝑘
𝑧 , 𝜐𝑖𝑗𝑘

𝑧 , 𝜑𝑖𝑗𝑘
𝑧 ).  

i). If an indeterminacy membership degree (𝜐)lies in favor of truth-membership degree (𝜂) 

then the Grace matrix of the matrix 𝑍which is symbolized by 𝐺(𝑍)  and is defined as 

𝐺(𝑍) = [𝑔𝑖𝑗
𝑧 ]
𝜍×𝜈
, where 𝑔𝑖𝑗

𝑧 = (𝜂𝑖𝑗𝑘
𝑧 + 𝜐𝑖𝑗𝑘

𝑧 ) −  𝜑𝑖𝑗𝑘
𝑧 , ∀𝑖, 𝑗, 𝑘. 

ii). From the Grace matrix 𝐺(𝑍) and Value matrix 𝑉(𝑍), the Mean matrix 𝑀(𝑍) is defined as; 

𝑀(𝑍) = [𝑚𝑖𝑗
𝑧 ]

𝜍×𝜈
=

𝑉(𝑍)+𝐺(𝑍)

2
. 

iii). The Total mean of an object (for single observer) is given by; ∑ 𝑚𝑖𝑗
𝑧𝑛

𝑗=1 , ∀𝑖 where 𝑚𝑖𝑗
𝑧  are 

entries in the mean matrix. 
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5.1 Properties of Mean Function 

All properties of the real matrix are satisfied by the Value matrix and Grace matrix. Hence, the 

Mean matrix which is obtained from the value matrix and grace matrix is also a real matrix. So, all 

properties of the real matrix are obeyed by the mean function. 

 

5.2 Methodology 

From the given 𝜍  number of alternatives, the decision-maker needs to select the most 

appropriate alternative based on the attributes (𝜗)  chosen. If anyone of the attributes has 

encouraged sub-attributes that outline an NHSM, then the decision-maker gives his inclination for 

each alternative conjuring to the sub-attributes of the chosen attributes in the form of NHSM. Hence, 

an NHSM of order 𝜍 × 𝜈 is obtained, from which the value matrix and grace matrix are computed. 

Then, at that point, the mean matrix and lastly the total mean of each alternative is determined. 

The algorithm for the above approach is; 

 

5.3 NHSM-algorithm 

1) Input the Neutrosophic hypersoft set from the given situation based on the attributes 

chosen. 

2) Using 1 construct the NHSM 𝑍. 

3) Calculate 𝑉(𝑍) and 𝐺(𝑍) from the result of 2. 

4) Compute the Mean matrix 𝑀(𝑍). 

5) From the Mean matrix, derive the Total Mean matrix. 

6) The maximum of ∑ 𝑚𝑖𝑗
𝑧𝑛

𝑗=1  will be the optimal solution. 

7) Suppose if Total mean matrix has a maximum value for more than one alternative, then any 

one alternative can be chosen according to the decision maker. 

 

5.4 Application in the Medical Field 

Example 5.2. Let 𝛶 be the set of patients suffering from chronic kidney disease (CKD): 

𝛶 = {𝑃1, 𝑃2, 𝑃3, 𝑃4, 𝑃5, 𝑃6, 𝑃7, 𝑃8, 𝑃9, 𝑃10} 

 

Now, the problem of the Doctor is to identify the patient who is critically moving towards stage: 5 of 

CKD, so he offers his conclusion around the choice procedure of the alternatives such as;  

˩ = {˩1 = 𝐶𝑟𝑒𝑎𝑡𝑖𝑛𝑖𝑛𝑒 𝑙𝑒𝑣𝑒𝑙, ˩2 = 𝐾𝑖𝑑𝑛𝑒𝑦 𝑓𝑢𝑛𝑐𝑡𝑖𝑜𝑛, ˩3 = 𝐺𝐹𝑅 𝑟𝑎𝑡𝑒 𝑝𝑒𝑟 1.73𝑚
2, ˩4

= 𝐷𝑖𝑎𝑙𝑦𝑠𝑖𝑠 𝑜𝑟 𝑘𝑖𝑑𝑛𝑒𝑦 𝑡𝑟𝑎𝑛𝑠𝑝𝑙𝑎𝑛𝑡}. 

 

Moreover, the above-mentioned attributes have advanced bifurcation and can be classified as 

follows:  

˩1
𝑎 = {𝐿𝑜𝑤,𝑁𝑜𝑟𝑚𝑎𝑙, 𝐻𝑖𝑔ℎ}, ˩2 

𝑏 = {𝑁𝑜𝑟𝑚𝑎𝑙,𝑀𝑖𝑙𝑑𝑙𝑜𝑠𝑠,𝑀𝑖𝑙𝑑𝑡𝑜𝑠𝑒𝑣𝑒𝑟𝑒𝑙𝑜𝑠𝑠, 𝑆𝑒𝑣𝑒𝑟𝑒𝑙𝑜𝑠𝑠, 𝐹𝑎𝑖𝑙𝑢𝑟𝑒}, 

˩3
𝑐 = {> 90𝑚𝐿 𝑚𝑖𝑛,⁄ 60 − 89𝑚𝐿 𝑚𝑖𝑛⁄ , 30 − 59𝑚𝐿 𝑚𝑖𝑛⁄ , 15 − 29𝑚𝐿 𝑚𝑖𝑛⁄ ,< 15𝑚𝐿 ∕ 𝑚𝑖𝑛} 

˩4
𝑑 = {𝑁 𝐴⁄ , 𝑃𝑜𝑠𝑠𝑖𝑏𝑙𝑦𝑟𝑒𝑞𝑢𝑖𝑟𝑒𝑑, 𝑅𝑒𝑞𝑢𝑖𝑟𝑒𝑑} 

 
Stage 1 Stage 2 Stage 3A Stage 3B Stage 4 Stage 5 

𝑮𝑭𝑹 ≥ 𝟗𝟎 89 ≥ 𝐺𝐹𝑅 ≥ 60 59 ≥ 𝐺𝐹𝑅 ≥ 40 39 ≥ 𝐺𝐹𝑅 ≥ 30 29 ≥ 𝐺𝐹𝑅 ≥ 15 
𝐺𝐹𝑅
≤ 15 

Normal Mild loss Mild Moderately Severe loss Failure 

 

Let the function be Ẑ ∶ ˩1
𝑎 × ˩2

𝑏 × ˩3
𝑐 × ˩4

𝑑  → 𝑃(𝛶).  Neutrosophic hypersoft set is defined as;                  

𝑍 ∶ (˩1
𝑎 × ˩2

𝑏 × ˩3
𝑐 × ˩4

𝑑)  → 𝑃(𝛶). Let us assume 𝑍 (˩1
𝑎 × ˩2

𝑏 × ˩3
𝑐 × ˩4

𝑑) = 𝑍(𝐻𝑖𝑔ℎ, 𝑆𝑒𝑣𝑒𝑟𝑒 𝑙𝑜𝑠𝑠, 15 −

29𝑚𝐿 𝑚𝑖𝑛⁄ , 𝑅𝑒𝑞𝑢𝑖𝑟𝑒𝑑) is the actual requirement of the Doctor. On this basis, four patients are 
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shortlisted 𝑃1, 𝑃2, 𝑃5, 𝑃6  according to the above-defined relation (𝐻𝑖𝑔ℎ, 𝑆𝑒𝑣𝑒𝑟𝑒 𝑙𝑜𝑠𝑠, 15 −

29𝑚𝐿 𝑚𝑖𝑛⁄ , 𝑅𝑒𝑞𝑢𝑖𝑟𝑒𝑑). 

The doctor gives his opinion for each alternative in the form of a Neutrosophic hypersoft set as 

follows; 

𝑍 = 𝑍(𝐻𝑖𝑔ℎ, 𝑆𝑒𝑣𝑒𝑟𝑒 𝑙𝑜𝑠𝑠, 15 − 29𝑚𝐿 𝑚𝑖𝑛⁄ , 𝑅𝑒𝑞𝑢𝑖𝑟𝑒𝑑). 

=

{
 

 
(𝑃1, {0.6, 0.4, 0.2}, {0.1, 0.8, 0.2}, {0.2, 0.1, 0.8}, {0.3, 0.8, 0.2})

(𝑃2, {0.4, 0.8, 0.1}, {0.5, 0.3, 0.8}, {0.5, 0.1, 0.4}, {0.7, 0.5, 0.3})

(𝑃5, {0.3, 0.5, 0.7}, {0.7, 0.2, 0.5}, {0.5, 0.6, 0.7}, {0.8, 0.1, 0.2})

(𝑃6, {0.8, 0.1, 0.3}, {0.8, 0.1, 0.1}, {0.2, 0.5, 0.8}, {0.6, 0.5, 0.4})}
 

 
 

 

The Neutrosophic hypersoft matrix derived from the above Neutrosophic hypersoft set is, 

𝑍 = (

(0.6, 0.4, 0.2) (0.1, 0.8, 0.2)

(0.4, 0.8, 0.1) (0.5, 0.3, 0.8)
   (0.2, 0.1, 0.8) (0.3, 0.8, 0.2)

  (0.5, 0.1, 0.4) (0.7, 0.5, 0.3)

(0.3, 0.5, 0.7) (0.7, 0.2, 0.5)  
(0.8, 0.1, 0.3) (0.8, 0.1, 0.1)  

(0.5, 0.6, 0.7) (0.8, 0.1, 0.2)

(0.2, 0.5, 0.8) (0.6, 0.5, 0.4)

) 

 

The Value matrix 𝑉(𝑍) = [𝑣𝑖𝑗
𝑧 ] = [𝜂𝑖𝑗𝑘

𝑧 − (𝜐𝑖𝑗𝑘
𝑧 + 𝜑𝑖𝑗𝑘

𝑧 )] is, 

𝑉(𝑍) = (

00.0 −0.9   
−0.5 −0.6   

−0.7 −0.7
00.0 −0.1

−0.9 00.0
00.4 00.6

   −0.8 00.5
   −1.1 −0.3

) 

 

The Grace matrix 𝐺(𝑍) = [𝑔𝑖𝑗
𝑧 ] = [(𝜂𝑖𝑗𝑘

𝑧 + 𝜐𝑖𝑗𝑘
𝑧 ) − 𝜑𝑖𝑗𝑘

𝑧 ] is, 

𝐺(𝑍) = (

0.8 0.7
1.1 0.0

   −0.5 0.9
    00.2 0.9

0.1 0.4
0.6 0.8

    00.4 0.7
   −0.1 0.7

) 

 

The Mean matrix 𝑀(𝑍) =
𝑉(𝑍)+𝐺(𝑍)

2
is, 

𝑀(𝑍) = (

00.4 −0.1
00.3 −0.3

   −0.6 0.1
    00.1 0.4

−0.4 00.2   
00.5 00.7

−0.2 0.6
−0.6 0.2

) 

 

The Total mean matrix 𝑀(𝑍) = ∑ 𝑚𝑖𝑗
𝑧𝑛

𝑗=1  is, 

𝑀(𝑍) = (

−0.2
00.5
00.2
00.8

) 

From the above Total mean matrix, the maximum mean value is, 𝑚𝑎𝑥1≤𝑖≤4{𝑚𝑖𝑗
𝑧 } = 𝑃6 = 0.8. 

Therefore, according to the NHSMalgorithm, patient 𝑃6 is in critical condition moving towards 

stage: 5 of CKD. 

 

Number of patients suffering from CKD = 10 

⇓ 

Patients shortlisted based on attributes chosen = 4 

⇓ 

According to NHSM-algorithm patient 𝑷𝟔 is critically suffering from CKD. 

 

6. Discussion 

It may be inferred from the current investigation that the findings obtained by the suggested 

methodology are more flexible when compared to the available approaches. The fundamental 

advantage of the suggested method is that it includes more information and addresses data 
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uncertainty by taking into account the membership, non-membership, and indeterminacy of 

sub-attributes. It is also a helpful tool for the decision-making process when dealing with faulty and 

imprecise data. In all the existing matrix theories except the Neutrosophic hypersoft matrix the 

motivation for the score value assigned to one parameter will not impact the other values. This 

results in more information loss. On the contrary, the suggested technique does not result in any 

significant information loss. The advantage of the proposed approach over existing NS-matrix 

methods is that it not only detects the level of discrimination but also the level of similarity between 

observations, preventing choices from being made for unfavorable reasons. As a result, it is also an 

appropriate technique for drawing the right conclusions in Decision-making problems even though 

the information is uncertain. However, the present methodology cannot deal with the situation 

when the decisions are provided in Interval form. Hence for such situations, Interval-valued 

Neutrosophic hypersoft sets and Interval-valued Neutrosophic hypersoft expert sets [42] were 

developed to deal with such situations. 

 

7. Conclusion 

In this paper, a few definitions based on NHSM and NHCM have been characterized, Product 

of NHCM and combined NHCM have been examined with examples. Additionally, an application 

of NHSM in decision-making is proposed based on a value matrix, grace matrix, and mean matrix. 

 

Acknowledgments 

The author is grateful to the editorial and reviewers, as well as the correspondent author, who 

offered assistance in the form of advice, assessment, and checking during the study period. 

Author Contributions 

All authors contributed equally to this research. 

Data availability 

The datasets generated during and/or analyzed during the current study are not publicly available 

due to the privacy-preserving nature of the data but are available from the corresponding author 

upon reasonable request. 

Funding 

This research received no external funding. 

Conflict of interest 

The authors declare that there is no conflict of interest in the research.  

 

References 

1. Zadeh, L. A. (1975). Fuzzy logic and approximate reasoning. Synthese, 30(3-4), 

407-428.https://link.springer.com/article/10.1007/BF00485052. 

2. Atanassov, K. T. (1986). Intuitionistic fuzzy sets. Fuzzy Sets and systems, 20(1), 

87-96.https://doi.org/10.1016/S0165-0114(86)80034-3. 

3. Yager, R. R. (2013). Pythagorean fuzzy subsets. 2013 Joint IFSA World Congress and NAFIPS Annual 

Meeting, Edmonton, Canada, 57 –61. https://doi.org/10.1109/IFSA-NAFIPS.2013.6608375. 

4. Yager, R. R. (2014). Pythagorean membership grades in multi-criteria decision making. IEEE Transactions 

on Fuzzy Systems, 22(4), 958-965. http://dx.doi.org/10.1109/TFUZZ.2013.2278989. 

5. Wei, G. (2017). Pythagorean fuzzy interaction aggregation operators and their application to multiple 

attribute decision making. Journal of Intelligent and Fuzzy Systems, 33(4), 2119-2132. 

DOI:10.3233/jifs-162030. 

6. Zhang, X., and Xu, Z. (2014). Extension of TOPSIS to multiple criteria decision making with pythagorean 

fuzzy sets. International Journal of Intelligent Systems, 29(12),1061 -1078. https://doi.org/10.1002/int.21676. 

7. Wei, G., and Lu, M. (2018). Pythagorean fuzzy power aggregation operators in multiple attribute decision 

making. International Journal of Intelligent Systems, 33(1), 169 –186. http://dx.doi.org/10.1002/int.21946. 



Neutrosophic Systems with Applications, Vol. 21, 2024      60 

An International Journal on Informatics, Decision Science, Intelligent Systems Applications 

 

Jayasudha J and Raghavi S, Some Operations on Neutrosophic Hypersoft Matrices and Their Applications 

8. Wang, L., and Li, N. (2010). Pythagorean fuzzy interaction power bonferroni mean aggregation operators 

in multiple attribute decision making. International Journal of Intelligent Systems, 35(1), 150 -183. 

https://doi.org/10.1002/int.22204. 

9. Gao, H., Lu, M., Wei, G., and Wei, Y. (2018). Some novel Pythagorean fuzzy interaction aggregation 

operators in multiple attribute decision making. Fundamental Informaticae, 159(4), 385-428. DOI: 

10.3233/FI-2018-1669. 

10. Zhang, X.(2015). A novel approach based on similarity measure for pythagorean fuzzy multiple criteria 

groupdecision making. International Journal of Intelligent Systems, 

31(6),593-611.https://doi.org/10.1002/int.21796. 

11. Wang, L., and Li, N. (2019). Continuous interval-valued Pythagorean fuzzy aggregation operators for 

multiple attribute group decision making. Journal of Intelligent and Fuzzy Systems: Applications  in 

Engineering and Technology, 36(6), 6245-6263. https://doi.org/10.3233/JIFS-182570. 

12. Thomason, M. G. (1997). Convergence of powers of a fuzzy matrix. Journal of Mathematical Analysis and 

Applications, 57(2), 476-480. https://doi.org/10.1016/0022-247X(77)90274-8. 

13. Pal, M., Khan, S. K., and Shymal, A. K. (2002). Intuitionistic fuzzy matrices. Notes on Intuitionistic fuzzy 

sets, 2(2), 51-62. 

14. Molodtsov, D. (1999). Soft set theory-first results. Computers and Mathematics with Applications, 37(4-5), 

19 -31. https://doi.org/10.1016/S0898-1221(99)00056-5. 

15. Maji, P.K., Biswas, R., and Roy, A.R. (2003). Soft set theory. Computers and Mathematics with 

Applications, 45(4-5) ,555-562. https://doi.org/10.1016/S0898-1221(03)00016-6. 

16. Maji, P. K., Biswas, R., and Roy, A. R. (2002). An application of soft sets in a decision making problem. 

Computers and Mathematics with Applications, 44(8-9), 1077-1083. 

https://doi.org/10.1016/S0898-1221(02)00216-X. 

17. Maji, P. K., Biswas, R., and Roy, A. R. (2001). Fuzzy soft sets. Journal of Fuzzy Mathematics, 9, 589-602. 

18. Maji, P. K., Biswas, R., and Roy, A. R. (2001). Intuitionistic Fuzzy soft sets. Journal of Fuzzy Mathematics, 

9(3), 677-692. 

19. Garg, H., and Arora, R. (2017). Generalized and group-based generalized intuitionistic fuzzy soft sets with 

applicationsin decision-making. Applied Intelligence, 48(2), 343-356. 

20. Garg, H., and Arora, R. (2020). TOPSIS method based on correlation coefficient for solving 

decision-making problems with intuitionistic fuzzy soft information. AIMS Mathematics, 5(4), 2944 -2966. 

https://doi.org/10.3934/math.2020190. 

21. Zulqarnain, R. M., Xin, X. L.,Saqlain, M., and Khan, W. A. (2021). TOPSIS method based on the correlation 

coefficient of interval-valued intuitionistic fuzzy soft sets and aggregation operations with their 

application in decision-making. Journal of Mathematics, Article ID 6656858, 16 pages. 

https://doi.org/10.1155/2021/6656858. 

22. Peng, X., Yang, Y., Jiang Yun, and Song, J. (2015). Pythagoren fuzzy soft set and its application. Computer 

Engineering, 41(7), 224-229. http://dx.doi.org/10.3969/j.issn.1000-3428.2015.07.043. 

23. Naim Cagman, and Serdar Enginoglu. (May 2010). Soft matrix theory and its decision making. Computers 

and Mathematics with applications, 59(10), 3308-3314. https://doi.org/10.1016/j.camwa.2010.03.015. 

24. Yong Yang, and Chenliji. Fuzzy soft matrices and their applications. Artificial Intelligence and 

Computational Intelligence, AICI 2011, 618-627. 

25. Rajarajeswari, P. and Dhanalakshmi, P. (April 2013). Intuitionistic Fuzzy Soft Matrix theory and its 

application in decision making. International journal of engineering research and technology, 2(4), 

1100-1111. 

26. Abhishek Guleria, and Rakesh Kr Bajaj. (September 2019). On pythagorean fuzzy soft matrices, operations 

and their applications in decision making and medical diagnosis. Soft computing, 23(10). 

https://link.springer.com/article/10.1007/s00500-018-3419-z. 

27. Smarandache, F. (1998). Neutrosophy, Neutrosophic Probability, Set and Logic. PreQuest Information and 

Learning. Ann Arbor, Michigan, USA. 

28. Maji, P.K. (2013). Neutrosophic soft set. Annals of Fuzzy Mathematics and Informatics, 5(1), 157-168. 

29. Broumi, S. (April 2013). Generalized Neutrosophic Soft Set. International Journal of Computer Science, 

Engineering and Information Technology (IJCSEIT), 3(2). 



Neutrosophic Systems with Applications, Vol. 21, 2024      61 

An International Journal on Informatics, Decision Science, Intelligent Systems Applications 

 

Jayasudha J and Raghavi S, Some Operations on Neutrosophic Hypersoft Matrices and Their Applications 

30. Ifran Deli, and Said Broumi. (2014). Neutrosophic soft matrices and NSM-decision making. Journal of 

intelligent and fuzzy systems, 28(5), 2233-2241. http://dx.doi.org/10.3233/IFS-141505. 

31. Tanushree Mitra Basu, and Shyamal Kumar Mondal. (2015). Neutrosophic soft matrix and its application 

in solving group decision making problems from medical science. Computer communication and 

collaboration, 3(1), 1-31. http://dx.doi.org/10.5281/zenodo.23095. 

32. Tuhin Bera, and Nirmal Kumar Mahapatra. (2017). Neutrosophic soft matrix and its application to 

decision making. Neutrosophic sets and systems, 18, 1-15. 

33. Sujit Das., Saurabh Kumar.,Samarjit Kar, and Tandra Pal. (2019). Group decision making using 

neutrosophic soft matrix: An algorithmic approach. Journal of King Saud university-computer and 

information sciences,31(4), 459-468.https://doi.org/10.1016/j.jksuci.2017.05.001. 

34. Jayasudha Janarthanan, and Raghavi Shelladhurai. (May 24 2023). On some applications of neutrosophic 

soft matrices in decision making. AIP Conference Proceedings, 2718, 030004. 

https://doi.org/10.1063/5.0136981. 

35. Smarandache, F. (2019). Extension of soft set to hypersoft set and then to plithogenic hypersoft set. 

Octogon Mathematical Magazine, 27(1), 413-418. 

36. Ihsan M., Rahman A.U., and Saeed M. (2021). Hypersoft expert set with application in decision making for 

recruitment process. Neutrosophic Sets and System, 42(1), 12. 

37. Muhammad Saqlain, Sana Moin, Muhammad Naveed Jafar, Smarandache, and Muhammad Saeed. (2020). 

Aggregate Operators of Neutrosophic Hypersoft Set. Neutrosophic Sets and Systems, 32. 

38. Rana Muhammad Zulqarnain, Xiao Long Xin, Muhammad Saqlain, andFlorentin Smarandache. (2020). 

Generalized Aggregate Operators on Neutrosophic Hypersoft Set. Neutrosophic sets and systems, 36. 

39. Abdul Samad, Rana Muhammad Zulqarnain, Emre Sermutlu, Rifaqat Ali, Imran Siddique, Fahd Jarad, 

and Thabet Abdeljawad. (2021). Selection of an Effective Hand Sanitizer to Reduce COVID-19 Effects and 

Extension of TOPSIS Technique Based on Correlation Co-efficient under Neutrosophic Hyper-soft Set. 

Complexity,Article ID 5531830, 22 pages. https://doi.org/10.1155/2021/5531830. 

40. Muhammad Ihsan, Muhammad Saeed, andAtique Ur Rahman. (2022).Neutrosophic hypersoft expert set: 

Theory and Applications. Neutrosophic Sets and System, 50, 431-458. 

41. Muhammad Ihsan, Rahman A.U., and Saeed M. Single valued neutrosophic hypersoft expert set with 

application in decision making. Neutrosophic Sets and System, 47,451-471. 

42. Jayasudha, J., and Raghavi, S. Introduction to Interval-valued neutrosophic hypersoft expert set, Springer 

Conference Proceedings (Accepted). 

43. Jayasudha, J., and Raghavi, S.(2023). Interval-valued Neutrosophic Hypersoft Topological Spaces. IOSR 

Journal of Mathematics, 20(4) (2), 40-52. 

44. Rana Muhammad Zulqarnain, Imran Siddique, Rifaqat Ali, Fahd Jarad, Abdul Samad, and Thabet 

Abdeljawad.(2021). Neutrosophic Hypersoft Matrices with Application to Solve Multiattributive 

Decision-Making Problems. Complexity, 7, 1-17.https://doi.org/10:1155=2021=5589874. 

45. Muhammad Naveed Jafar, and Muhammad Saeed. (2022). Matrix Theory for Neutrosophic Hypersoft Set 

and Applications in Multiattributive  Multicriteria Decision-Making Problems. Journal of Mathematics, 3, 

1-15. http://dx.doi.org/10.1155/2022/6666408. 

46. Smarandache, F. (2004). Neutrosophic Set, a generalisation of the intuitionistic fuzzy sets. International 

Journal of Pure and Applied Mathematics, 24(3), 287-297. 

47. Faruk Karaaslan. (2015). Neutrosophic Soft sets with Applications in Decision Making. International 

Journal of Information Science and Intelligent System, 4(2), 1-20. 

 

 

 

 

 

 

 



Neutrosophic Systems with Applications, Vol. 21, 2024      62 

An International Journal on Informatics, Decision Science, Intelligent Systems Applications 

 

Jayasudha J and Raghavi S, Some Operations on Neutrosophic Hypersoft Matrices and Their Applications 

Received: 02 Mar 2024, Revised: 19 Jul 2024,  

Accepted: 25 Aug 2024, Available online: 01 Sep 2024. 

 
© 2024 by the authors. Submitted for possible open access publication under the terms and conditions 

of the Creative Commons Attribution (CC BY) license (http://creativecommons.org/licenses/by/4.0/). 

 

 

Disclaimer/Publisher’s Note: The perspectives, opinions, and data shared in all publications are the 

sole responsibility of the individual authors and contributors, and do not necessarily reflect the 

views of Sciences Force or the editorial team. Sciences Force and the editorial team disclaim any 

liability for potential harm to individuals or property resulting from the ideas, methods, 

instructions, or products referenced in the content. 


